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Abstract

The present study reports on a machine learning experiment concerning mobile vowels in the
Russian preposition v ‘in(to)’. It is shown that a neural network is able to predict mobile
vowels in 97.4% of the cases in our dataset, and a decision tree is used to extract a set of three
rules that a language learner can use to achieve nearly the same level of accuracy. We argue
that these rules are valuable from the perspective of language pedagogy, but that some
adjustments are necessary in order to make the rules simpler and more precise. Our study
lends support to earlier analyses which emphasize the capacity of mobile vowels to prevent
sequences of identical segments. We advance the Word Onset Hierarchy, which enables us to
evaluate the relative importance of phonological features for mobile vowels and highlights the
gradient and asymmetric nature of mobile vowels. It is suggested that machine learning
represents a valuable tool for language pedagogy, not only for mobile vowels, but also for
other areas of Russian grammar that are challenging for students of Russian as a foreign

language.

1. Introduction

Students of Russian as a foreign language discover very early that some words have
forms with vowels that disappear in certain environments. Thus, in (1) the pronoun
meaning ‘whole, all’ has a vowel in the stem (ves’), while in (2) this vowel is not
present (vsem). The preposition meaning ‘in(to)’, on the other hand, has a vowel in (2),
where it is realized as vo. This vowel is not found in (1), where the preposition is
realized as v:!

! These examples are from the Russian National Corpus (www.ruscorpora.ru).
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(1) Ja vljublen v ves’ mir. (Kataev 1980—-1981)
‘I am in love with the whole world.’

(2) Roditeli vo vsem mire zalujutsja na to, ¢to detej nevozmozno otorvat’ ot
komp’jutera. (“Dasa” 2004)
‘Parents all over the world complain that it is impossible to drag kids away from
their computers.’

Such vowel~zero alternations known as “mobile vowels” represent a major challenge
for learners of Russian as a foreign language, and many instructors have received the
question “what is the rule?” — a far from trivial question to answer.?

Mobile vowels are not only challenging for language pedagogy, they also represent
one of the classic theoretical problems of Russian phonology. Simplifying somewhat,
the theoretical literature addresses the following questions: Are the vowel~zero
alternations we can observe the result of epenthesis or deletion (see Bethin 1998: 210—
211, Scheer 2011 and 2019: 202-203 for discussion)? Are there one or two underlying
vowels that produce vowel-zero alternations (e.g., losad 2020)? What is the
conditioning environment for the alternations (e.g., Klapper 1993, Gouskova 2012,
Gouskova and Becker 2013, Becker and Gouskova 2016, Linzen, Kasayanenko and
Gouskova 2013)? Prepositions figure prominently in the theoretical literature about
mobile vowels, since they are relevant for the relationship between prepositions and
prefixes — a much debated issue in Russian morphosyntax (e.g., Matushansky 2002,
Steriopolo 2007, Gribanova 2009, Blumenfeld 2012).

In this article, we consider the conditioning environment of mobile vowels from the
point of view of language pedagogy. We concentrate on the preposition v ‘in(to)’ and
ask whether a machine learning experiment can help us formulate rules that can be
useful in the classroom. Our contribution can be summarized as follows. First, we
show that a neural network is able to learn to choose between v and vo; the model
predicts the correct variant in 97.4% of the cases in our dataset of 18,207 preposition-
word samples. Second, we develop a decision tree and argue that the model can be
translated into rules that may be of pedagogical value. Third, it is suggested that the
rules that emerge from the experiment may be made simpler and more precise. This,
we argue, suggests that machine learning is a valuable tool in language pedagogy, but
cannot replace linguistic analysis carried out by humans. Fourth, we discuss some
additional rules, which, however, have less precise predictions and complicate the rule
set. Fifth, we propose the Word Onset Hierarchy, which demonstrates the role of
mobile vowels in breaking up sequences of identical segments and helps us clarify the
relative importance of place of articulation, manner of articulation and voicing for
mobile vowels. Finally, we argue that mobile vowels are gradient in nature and
represent an asymmetric relationship between v and vo.

2 Mobile vowels (Russian: beglye glasnye) are also known as “flecting vowels” (e.g., Klapper 1993). In
theoretical linguistics, they are often referred to as “yers” or “jers” (e.g., Scheer 2011 and 2019).
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Our argument is structured as follows. In section 2, we present the machine learning
experiment and show how the results can be translated into a set of simple rules.
Section 3 evaluates the rules from the perspective of language pedagogy and identifies
three issues that are explored in sections 4 through 6. In sections 7 through 9 we
discuss the general properties of mobile vowels, before we summarize our findings
and discuss their implications for language pedagogy in section 10.

2. A machine learning experiment

In order to investigate the motivation for the choice between v and vo, we created a
database of 188,831 tokens extracted from the Russian National Corpus (main
corpus).® We annotated the wordform following the preposition with regard to the
following variables:

(3) Variables considered:

First, second and third letter of the word

Number of consonants before the first vowel (0—4)

Type of vowel

Place of articulation of the consonants before the first vowel
Number of syllables

The first vowel of the word

me Ao o

From the dataset we extracted 18,207 unique preposition-word pairs, on which the
analysis was conducted. The variables in the dataset were encoded into one-hot vectors
that were used in the models.

An overparametrized neural network was trained on a randomly drawn sample
consisting of 90% of the dataset and then tested on the remaining 10%. Although the
neural network is a “black box” and serves no purpose in terms of deriving
grammatical rules, it enabled us to assess the explanatory potential of the chosen
variables when it comes to empirically modelling the grammatical relationship under
scrutiny in the present article. The reasoning behind this is that if there is a relationship
to be found between the dependent and independent variables, a neural network would
be able to infer it no matter how complex it is. The neural network consisted of three
dense layers with 256 neurons each and RELU activation functions, as well as a final
output layer with 1 neuron and a sigmoid activation function. Binary cross-entropy
was used as the loss function and Adam as the optimizer. The network was trained
with a batch size of 32 for 10 epochs. The hyperparameters of the network were not
finetuned to increase accuracy but were simply chosen arbitrarily to create a network
that would have sufficient explanatory capacity to model any potential grammatical
relationship in the data.

3 Our database is avaialble via TROLLing (Nesset, Xavier 2023).

25



Tore Nesset, Kevin Xavier

When evaluated on the test set, the neural network model gave correct predictions
for 97.4% of the preposition-word pairs. This shows that the network is able to learn to
choose between the two variants of the preposition based on variables that reflect the
environment in which they occur. Although the neural network will not play an
important role in the further development of our analysis, the network represented a
valuable first step, since the analysis gave us sufficient evidence that it was in fact
possible to develop a rule set for mobile vowels based on the selected variables.

A binary decision tree classifier with a maximum depth of 2 was then estimated on
a randomly drawn sample of 90% of the data. The model type and depth were chosen
to increase simplicity of the resulting decision tree such that it could be used to create
an understandable set of rules that a language learner or teacher could make use of.
Binary decision trees are the simplest and most straightforward classifier of this type,
and thus allow for both easier rulesets to be created and for them to be more easily
interpreted. The maximum depth of the tree was set to 2 since the number of nodes in
the tree increases exponentially with depth, which thus increases the complexity of the
ruleset and makes it considerably less applicable in pedagogical situations. Gini
impurity (a measure of misclassification) was used as the support criterion for the
splits, and although — as shown in Table 1 — the dataset was significantly skewed
towards v (93 % v vs. 7 % vo for the training data, 94 % vs. 6 % in the test data), classes
were weighted equally. The model we created had an accuracy of 96.8% on the
training data, and 96.7% on the test data.

#v #vo| #v+vo % vo
Training data 15,272 1,115 16,387 7%
Test data 1,712 108 1,820 6 %

Table 1: Distribution of v and vo in training data and test data.

The results can be visualized as the annotated decision tree in Figure 1. Each branch
in the tree includes four lines of text. The top line represents the relevant variable,
which the model describes as X followed by a number in parentheses. This is followed
by “<= 0.5” which represents the threshold where the variable is split. (Since all
variables are indicator variables this will always default to 0.5.) For the convenience of
the non-initiated reader the relevant variables are identified in the orange callouts.

The second line in each node displays the Gini impurity of the samples at the node,
which represents the probability that a sample in the node would be mislabeled, were it
labeled randomly according to the classification distribution at the node.

The third line, which is marked as “samples”, describe the total number of samples
assigned to the relevant node. In the top node, the number indicates that the entire
training set consisted of 16,387 samples.
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The bottom line labeled “value” reports the distribution of the classified samples at
each node. The number to the left is the number of examples with v, while the number
to the right is the number of examples with vo.

The decision tree can be read as follows. As shown in the top node, the model first
asks if the first letter of the wordform following the preposition is v. If the answer is
“yes”, we follow the arrow to the right and ask if the wordform starts with a single
consonant or not. If the answer is “yes”, the model predicts that the preposition has the
form v. As shown, in the rightmost terminal node, this prediction holds for 579 out of
586 examples of words starting with the letter v followed by a vowel, i.e., words like
vokzal ‘railway station’ and vosem’ ‘eight’.

If the word after the preposition starts with the letter v followed by a consonant, the
model predicts that the preposition will have the form vo. This prediction is borne out
by 608 out of 626 examples, as shown in the second terminal node from the right.
Relevant examples include vtoroj ‘second’ and vstreca ‘meeting’.

| First letter: v? |

X[E] ==0.5
gini = 0.126
samples = 16387

value = [152739, 1108]

NO YES
Single
First letter: f?
consonant?
¥[23] ==105 X[96] == 0.5
gini = 0.063 gini=0.5
samples = 15176 samples = 1211
value = [14682, 494] value = [597, 614]
NO YES NO YES
gini = 0.045 gini = 0.5 gini = 0.056 gini = 0.02
samples = 14873 samples = 303 samples = 626 samples = 585
value = [14529, 344] value = [153, 150] value = [18, 608] value = [579, 6]

Figure 1: Decision tree for the choice between v and vo. The phrase “use v or vo” indicates that the model is
not able to predict the choice of form, although only one option may be correct in each case.

We now turn to the left portion of the decision tree, which concerns words that do
not begin with the letter v. Here, the model asks if the word after the preposition
begins with the letter £ If the answer is “yes”, the model is not able to yield a clear
prediction, since for such words there are 153 examples where the preposition is v and
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150 where it is vo. This is shown in the second terminal node from the left, which
covers words like fabrika ‘factory’ and Francija ‘France’.

The leftmost terminal node concerns all remaining examples, i.e., all examples
where the word after the preposition starts with any other letter than v or f. This is the
majority of the data. The model predicts that the form vo of the preposition, which is
correct in 14,529 out of 14,873 examples.

The analysis visualized in the decision tree may be translated into a simple set of
rules:

(4) Rules based on machine learning experiment:
a. Before words beginning with v + a consonant, use vo.
b. Before words beginning with £, use v or vo.*
c. Elsewhere, use v.

Rule (4¢) shows that v is a “normal case default” (Fraser and Corbett 1997), since its
use is regulated by a general rule that applies unless there is a specific reason to apply
another, more specific rule.

To scholars familiar with the literature on mobile vowels in Russian, the
generalizations in (4) come as no surprise. In particular, it is well known that vo is
frequently attested before consonant clusters beginning with v, a fact that is mentioned
in grammars and textbooks (see, e.g., Timberlake 2004: 177—-179). This shows that the
machine learning approach is on the right track since it is able to discover well-known
generalizations.

To what extent can the rules in (4) be helpful in the classroom? The set is simple in
the sense that there are only three rules, and each rule is simple in the sense that they
do not involve technical vocabulary that may be unknown to the average
undergraduate student of Russian as a foreign language. The rule set furthermore
allows the student to choose the correct form of the preposition in the vast majority of
cases, at least if we assume that our dataset is representative of the Russian language
as a whole. We submit that this is not a very controversial assumption, since we
analyze a large dataset from a curated corpus. We therefore conclude that machine
learning based on neural networks may represent a valuable tool from the perspective
of language pedagogy. However, because of limitations with the machine learning
algorithm used, the set of rules described above is not optimal with regard to either
maximum accuracy, complexity, or applicability. In sections 3 through 6, we will
identify three issues with the proposed rule set. We will also suggest further
improvements to it in order to reduce the number of exceptions.

4 In the same way as in Figure 1, the phrase “use v or vo” indicates that the rule cannot predict the choice
between the two forms, although only one form may be correct in each individual case.
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3. Evaluating the rules from the perspective of language pedagogy

In order to evaluate the rules in (4), it is instructive to consider the data in Table 2,
which concerns words beginning with two consonants. The leftmost column indicates
the first consonant of the cluster. The columns marked with a hashtag (#) offer raw
numbers for v and vo, and the rightmost column gives the proportion of vo in percent.
As shown in the table, some consonants are rare in consonant clusters, but for most
consonants we have enough data to carry out a meaningful analysis.

First consonant #v #vo| #v+vo % vo
b 193 19 212 9 %
v 19 665 684 97 %
g 247 16 263 6 %
d 213 18 231 8 %
z 4 0 4 0%
z 111 15 126 12 %
k 340 4 344 1%
l 8 14 22 64 %
m 48 55 103 53%
n 16 1 17 6 %
p 834 14 848 2%
r 12 14 26 54 %
s 904 27 931 3%
t 239 1 240 0 %
f 8 162 170 95 %
ch 56 7 63 11 %
c 26 1 27 4%
¢ 20 3 23 13 %
s 85 1 86 1%

Table 2: Distribution of v and vo before words beginning with two consonants. The leftmost column indicates
the first consonant of the cluster.

Table 2 shows that for most consonant clusters v is the dominant option, since for
most consonants the proportion of vo is less than 15%. This is what we would expect
from the rules in (4), where v is the normal case default. At the other end of the scale,
clusters beginning with v has 97% vo. This is also expected, insofar as rule (4a) states
that vo 1s selected before a word that begins with v followed by a consonant.

However, Table 2 also contains data that are not expected from the rules in (4).
First, consonant clusters beginning with f yields 95% vo, although rule (4b) and the
data in Figure 1 indicate no preference for vo over v before words beginning with f.
Clearly, therefore, the distribution of v and vo before f merits a closer look. We return
to this “/ problem” in section 4.

The rules in (4) do not mention clusters beginning with the labial nasal consonant
m, nor are clusters in the oral sonorants / and » mentioned. This means that the default
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rule in (4c) will apply. The rules therefor predict v in front of these consonants.
However, Table 2 shows that clusters with m, [ and » have more than 50% vo. It 1s
therefore necessary to consider the “m problem” and the “//r problem” in sections 5
and 6.

4.The f problem

As shown in sections 2 and 3, the machine learning experiment did not yield clear
predictions for words beginning in f© However, if we distinguish between words
beginning with f+ a vowel such as fabrika ‘factory’ and words beginning with /' + a
consonant such as Francija ‘France’, a much clearer picture emerges. As shown in
Table 3, v is strongly preferred before f + a vowel — here we have only 2% vo. Before 1
+ a consonant, on the other hand, vo dominates with 95% of the relevant examples in
our dataset. This is expected from existing scholarly literature, including grammars
and textbooks. For instance, Timberlake (2004: 179) points out that the mobile vowel
“dissimilatively separates consonants that are similar in place and/or manner of
articulation”, such as v and f.

#v #vo #v+vo %vo
f+ vowel 159 3 162 2
f+ consonant 8 162 170 95

Table 3: Distribution of v and vo before words beginning with {

In section 2 we saw that v is used before words beginning in v + a vowel (e.g.,
vokzal ‘railway station’), while vo is the preferred option when the preposition occurs
before a word in v followed by a consonant (e.g., vtoroj ‘second’). Table 3 indicates
that words beginning in f behave the same way. In order to incorporate this insight in
our analysis, we may revise the rules in (4). Instead of having separate rules for words
in v and f, we may capture the uniform behavior of v and f in one rule. This makes it
possible to dispose of rule (4b). In other words, we need only two rules to account for
the distribution of v and vo.

(5) Revised rules after solving the f problem:

a. Before words beginning with v or '+ a consonant, use vo.
b. Elsewhere, use v.

The rules in (5) have two advantages over those in (4). First of all, the rules in (5)
improve the precision of the analysis, since they yield correct predictions for nearly all
words in f. Second, the rule set in (5) is simpler than the one in (4), insofar that it refers
to the same number of segments (v and f) with fewer rules. Further simplification of
rule (5a) is possible if we make use of distinctive features. Since /v/ and /f/ represent a
natural class of segments, we may state that vo is used before a labial fricative
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followed by a consonant.® A rule with distinctive features may work well for students
with basic training in phonetics and phonology, while the version in (5a) may be
preferrable for students without such training. Either way, our discussion of the f
problem shows that the rules that emerged from the machine learning experiment are
not optimal, since it is possible to advance an alternative that is both more precise and
simpler. However, the rules from the experiment represent a good starting point for
further analysis.

5.The m problem

The m problem is that the rules that emerged from the machine learning experiment
predict v before all words in m, while the data reviewed in section 3 show that vo is
attested in 53% of the examples with m followed by a consonant. Is it possible to
improve the rule system so as to provide a better analysis of words in m?

Before words where m is followed by a vowel (e.g., Moskva ‘Moscow’), v is always
used, so in the following we will focus on words with m as the first member of a
consonant cluster. Examples include mgla ‘darkness’, mnogo ‘many’, and mladsij
‘youngest’. Such words are known to be tricky when it comes to mobile vowels in a
preceding preposition (see, e.g., Timberlake 2004: 179 for discussion).

Table 4 summarizes the distribution of v and vo before nine different consonant
clusters that are attested in our dataset. For some clusters, we have few examples, so it
is necessary to group the clusters into broader categories. We start with clusters
involving a fricative or an affricate, i.e., mc (Mcensk ‘name of town’, ms (msSara
‘mossy swamp’), ms¢ (mscenie ‘revenge’), mx (mxat ‘name of theater in Moscow’),
and mz (mzdoimstvo ‘bribery’). If we summarize the results for these consonant
clusters, we observe a strong preference for vo (12 attestations) over v (1 attestation) in
our dataset.

For clusters where m is followed by a plosive, the only example we have is the
cluster mg, which has 3 attestations of v and 5 of vo. Here we have very little data, and
no clear pattern emerges from the few attestations we have.

Clusters involving the two oral sonorants / and r (e.g., mladsij ‘youngest’ and
mracnyj ‘dark’) show a fairly strong preference for v. For m/, the v to vo ratio is 11 to
4, while for mr the ratio 1s 15 to 1.

For the cluster mn, the situation is less clear. Table 4 reveals a preference for vo, but
v is also widely attested. The majority of examples involve the root mnog- ‘many’ (37
out of 50 attestations), but even for these words no clear pattern emerges. There seems
to be considerable variation, and both variants of the preposition appear to be

5 We will not discuss the question as to whether /v/ should be analyzed as a fricative in Russian, since this is
beyond the scope of the present study. In the same way as fricatives, /v/ undergoes devoicing. Thus, v ten’ ‘into
the shadow’ begins with a voiceless sound. Unlike fricatives, however, /v/ does not trigger voicing, as
demonstrated by minimal pairs like dvoix ‘two (genitive)’ and fvoix ‘your (genitive plural)’.
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acceptable to at least some language users. The amount of variation before the mn
cluster i1s not unexpected. For instance, Timberlake (2004: 178—179) reports on
considerable variation in this environment.

Cluster #v #vo| #v+vo
mc 0 4

ms 0 2 2
ms$¢ 1 0 1
mx 0 5 5
mz 0 1 1
mg 3 5 8
ml 11 4 15
mr 15 1 16
mn 18 32 50

Table 4: Distribution of v and vo before m + consonant

How can we summarize the situation? Is it possible to refine the rules in (5) and
make our analysis more precise? An option would be to add a rule along the following
lines:

(6) The m rule:

Before words beginning with m + a consonant, use vo.
Exception: Before words beginning with m + [ or , use v.

This rule is an improvement in the sense that it yields correct predictions for the
majority of clusters in m. This is shown in Table 5, which provides an overview of the
accuracy and number of exceptions for the various versions of the rule set under
scrutiny. As shown in the rightmost column, the m-rule (including the “exception”
concerning m+/ and m+r) brings the accuracy up to 98.7% and the number of
exceptions down 242,

Decision tree frule m-rule m-rule with exception
(m+1, m+r)
Accuracy 96.8% 97.7% 98.5% 98.7%
Number of exceptions 577 423 273 242

Table 5: Accuracy and number of exception words for each proposed rule set

But this improvement comes at the cost of increased complexity. Not only do we
have to add a rule to our rule set — we are also forced to accept the additional
complexity of adding an exception to the rule. The question is whether it is worth it
from the perspective of language pedagogy. It is instructive to compare with the f
problem discussed in the previous section. For clusters in f, we were able to increase
the precision of the analysis and at the same time simplify our rule system. Such a
modification is clearly valuable. For clusters in m, the situation is less clear, and we
are forced to weigh the benefits against the cost, a process that necessarily involves a
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degree of subjectivity. In addition to increased complexity, the m rule comes with two
drawbacks. First, the rule covers relatively few examples since most clusters with m
followed by a context are not frequent. A second disadvantage is the fact that there is
considerable variation between v and vo, especially for words beginning in mn, as
shown above. For such words, the m rule is not helpful, thus reducing its overall value.

In summary, there seems to be now clear answer as to whether we should add the m
rule in (6) to our rule system. The decision may depend on the target group. While
advanced students may find the m rule useful, for students at lower levels it might only
be a source of frustration.

6. The I/r problem

We now turn to clusters beginning with the oral sonorants / and r, which are attested in
words like /’gota ‘privilege’ and rvanyj ‘ragged’. The rules emerging from the
machine learning experiment do not mention these clusters, and therefore predict the
default variant of the preposition, i.e., v. However, as pointed out in section 2, vo is
attested in more than 50% of the examples in our dataset where / or r is followed by a
consonant.

We first consider clusters beginning with /. As shown in Table 6, we have few
examples, and no clear pattern seems to emerge from the available data. This is not
surprising, insofar as earlier students of these words have found considerable variation
(see, e.g., the overview in Klapper 1993: 20-23).

Cluster #v #vo #v +vo
[ + plosive 2 5 7
[+ nasal 0 1 1
[ + fricative 6 8 14

Table 6: Distribution of v and vo before | + consonant

In order to make explicit that both variants of the preposition appear before consonant
clusters beginning with /, we may add the following rule to our set of rules:
(7) The / rule:
Before words beginning with / + a consonant, use v or vo.

The situation for clusters beginning with » is summarized in Table 7. We have only
three clusters, rv (rvanyj ‘ragged’), rz (pzZanou ‘rye’), and rt (rtu ‘mouth (locative
singular)’), and for each cluster we have little data. It is therefore not possible to draw
strong conclusions. The table furthermore does not reveal a clear tendency. It seems
that both v and vo are used before clusters beginning with r. It is possible to
incorporate this insight by adding the following rule:

(8) The r rule:
Before words beginning with » + a consonant, use v or vo.
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However, from the perspective of language pedagogy, adding this rule is at best a
marginal improvement, given that it covers few examples and does not give any clear
predictions. For this reason, it is even problematic to use the term “rule” about the
statements in (7) and (8).

Cluster #v #vo #v +vo
rv 6 4 10
rZ 5 8 13
rt 0 2 2

Table 7: Distribution of v and vo before r + consonant

7. Exceptions and the labial generalization

We now turn to what we may call “exceptions”, i.e., cases where the rules emerging
from the machine learning experiment yield incorrect predictions. In particular, we are
interested in examples where the neural network predicts v, although in actual reality
vo is attested. Notice that we go back to the original rules in (4). As we shall see, this
enables us to formulate a generalization about the likelihood of vo and the
phonological properties of the following word.

Table 8 summarizes the situation. The table covers word onsets (word-initial
consonant clusters or vowels) where the neural network yields incorrect predictions.
Since we are interested in robust tendencies, the table only contains word onsets with
more than 10 attestations in our dataset.

Word onset #attestations
fr 113
fl 47
mn 32
[ 28
0 20
bl 17
dv 17
u 12
ar 11

Table 8: Number of attestations where the neural network yields incorrect predictions. The table contains
word onsets with more than 10 attestations in our dataset.

We have already discussed the fr and fI clusters in section 4 and the mn cluster in
section 5. These three clusters share one property, namely that they begin with a labial
consonant. The next consonant cluster in the table, b/, also begins with a labial
consonant, while dv further down has a labial consonant as its second member. The
generalization thus emerges that clusters containing a labial consonant are more likely
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to combine with vo than other consonant clusters. The only cluster in Table 8 that does
not involve a labial consonant is gr, which has only 11 attestations in our dataset.

Turning now to the three word onsets involving vowels in Table 8, we see that two
of them, o (e.g. oruzie ‘weapon’) and u (uslazdenie ‘delight’), are rounded vowels.
Since rounded vowels involve a labial articulation, these words lend additional support
to the generalization about vo before labial word onsets.

8. The Word Onset Hierarchy

Our findings so far can be summarized as the following hierarchy which ranks word
onsets according to their likelihood to combine with vo:

(9) The Word Onset Hierarchy:
vC, fC>mC > IC, rC > other labial
(where C stands for any consonant and > means “is more likely to be preceded by
vo than”)

As we have seen, vo is most likely to occur in front of consonant clusters starting with
v or f. Then follows clusters beginning with m, which in turn are followed by clusters
in / and ». Mobile vowels are attested least consistently before other word onsets
involving labial sounds.

In the theoretical literature, mobile vowels have often been analyzed as a so-called
OCP (Obligatory Contour Principle) effect (e.g., Linzen, Kasayanenko and Gouskova
2013). OCP is a constraint that bans sequences of identical or nearly identical
segments. The Word Onset Hierarchy lends support to an analysis along these lines,
since clusters beginning with v (and its voiceless counterpart f) are most likely to
combine with vo. In other words, the addition of the mobile vowel prevents us from
having v immediately followed by v.

At the same time, the Word Onset Hierarchy enables us to clarify some additional
properties of mobile vowels. First, the mobile vowel in vo primarily occurs in front of
consonant clusters. Vo is marginal before words beginning with a vowel, and it is
generally not found before words beginning with a single consonant.®

A second point concerns the contrast between voiced and voiceless segments. The
Word Onset Hierarchy suggests that voice is not a relevant feature, since clusters with
the voiceless f behaves the same way as clusters with the corresponding voiced v.

Third, the Word Onset Hierarchy indicates that place of articulation is a relevant
factor. As we have seen in the previous section, vo is first and foremost attested before
labial segments. However, as shown in section 6, vo also occurs before clusters
beginning with / and », which have dental (or alveolar) place of articulation. We

¢ The combination of v followed by a word in a single v, e.g., v Vene ‘in Vienna’, is normally pronounced with a
geminate (long) consonant.
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speculate that the somewhat inconsistent use of vo before / and » may be due to the
non-labial place of articulation of these sounds.

Fourth, manner of articulation also seems to play a role. The Word Onset Hierarchy
is dominated by sounds without oral closure, such as fricatives, nasals and oral
sonorants. Plosives (oral stops), on the other hand, typically do not trigger the mobile
vowel in vo. Even the voiced labial plosive b is only marginally attested in
combination with vo, as shown in section 6. This finding may be related to sonority.
Plosives typically occur in clusters with rising sonority such as b/ and pr. It has been
argued in the scholarly literature that mobile vowels are most likely to appear before
clusters with falling sonority (Linzen, Kasayanenko and Gouskova 2013: 455).

A final point emerging from the Word Onset Hierarchy concerns variation. Some
scholars have argued that rules for mobile vowels may not be categorical. For instance,
Linzen, Kasayanenko and Gouskova (2013: 455-457) uncovered “stochastic
phonological constraints and found that the lexical variation is much more extensive
than previously known”. Our findings lend support to this, since the Word Onset
Hierarchy indicates that mobile vowels, at least for the preposition under scrutiny in
the present study, are not an all or nothing affair. Even for the consonant clusters that
are most likely to trigger the mobile vowel in vo, we find occasional examples with v.
As we move from left to right in the hierarchy, the amount of variation increases. We
will elaborate on the relevance of variation for mobile vowels in the following section.

9. Variation: an asymmetric relation

So far, we have been concerned with word forms that show consistent behavior in our
dataset. Either they combine with v, or they are preceded by vo. We may call such
words “rational”. In what follows, we will consider “irrational” words, 1.e., words that
show inconsistent behavior, insofar as they combine with both v and vo in our dataset.
As we will see, irrational words shows that the relationship between v and vo is
asymmetric.

We can divide “irrational words” into three groups: those where v is more frequent
than vo, those where v and vo have the same frequency, and those where v is less
frequent than vo. Table 9 summarizes the situation. As shown, cases of the first type,
where v is the most frequent variant, are very rare. In our dataset, only one wordform
(type) is attested, the genitive/locative plural form mnogix of mnogo ‘many’. This form
has a total of 4 attestations (tokens), 3 with v and 1 with vo.

The second group, where the two variants of the preposition are equally frequent, is
also relatively rare in our dataset. We have 153 wordforms (types), all of which are
represented with 1 attestation of v and 1 of vo.
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The third group dominates our dataset with 232 wordforms (types) and more than
23,000 tokens. For all these types, there is only 1 token with v, while vo is represented
with up to 5,745 tokens (for vtoroj ‘second’).

# Types # Tokens
V> vo 1 4
Vv =v0 153 306
v<vo 232 23,234
Total 386 23,544

Table 9: The distribution of “irrational words” that combine with both v and vo in our dataset.

The data in Table 9 lend further support to the idea from the previous section that
mobile vowels are not an all or nothing affair. There is considerable variation, and
even words like vtoroj, which has a consonant cluster beginning with a labial fricative
and thus is expected to strongly prefer vo, may occasionally combine with v in corpus
data. However, this variation is not random, since in most cases it concerns words that
normally take vo. In other words, vo may occasionally be replaced by v in
environments where vo is expected, while the opposite is almost never the case. The
relationship between v and vo is therefore asymmetric. This lends support to our
analysis from section 2, whereby v is the normal case default variant of the

preposition.’

10.Conclusions and implications

This article reports on a machine learning experiment concerning mobile vowels in the
preposition v ‘in(to)’. We have demonstrated that a neural network is able to correctly
predict the occurrence or non-occurrence of mobile vowels in 97.4% of the cases in
our dataset. A decision tree model was used to develop a set of three rules that nearly
match the accuracy of the neural net.

We have argued that these rules may be valuable for students of Russian since the
rules are simple and yield correct predictions in the vast majority of cases. However,
we have argued that the rule set may be improved, and we have proposed a modified
version that is both simpler and more precise. This suggests that machine learning may
be a valuable tool in language pedagogy, but that the results from machine learning
experiments cannot be taken at face value. Stated differently, machine learning
supplements, but does not replace linguistic analysis carried out by human beings.

7 As pointed out by an anonymous reviewer, we cannot exclude the possibility that the occasional attestations of
v instead of vo are due to typos, since typos may occur even in thoroughly curated corpora like the Russian
National Corpus. However, even if some of the relevant examples are typos, it is interesting that these typos
(almost) always go in one direction (the use of v instead of vo, not the other way around). This testifies to the
asymmetric nature of the relation between the two forms of the preposition.
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Mobile vowels represent a substantial challenge for students of Russian as a foreign
language. Our analysis has yielded a simple set of two basic rules, whereby (a) vo is
used before consonant clusters beginning with v or £, while (b) v is used elsewhere.
This rule set is so simple that it may be valuable for first year students. We have
explored some additional rules for other consonant clusters. They have less precise
predictions and complicate the set of rules, so their value for language pedagogy is less
obvious. Arguably, these rules may be relevant for more advanced students.

Our analysis of the preposition v lends support to earlier studies where mobile
vowels have been explained as OCP effects that prohibit sequences of identical or
near-identical consonants. We have proposed a Word Onset Hierarchy, which clarifies
several properties of mobile vowels. We have seen that mobile vowels appear before
consonant clusters, and that the labial place of articulation of the first member of the
cluster is more important than the manner of articulation (no oral closure), while
voicing seems unimportant. Our analysis furthermore suggests that mobile vowels are
not an all or nothing affair, and that the relationship between v and vo is asymmetric,
insofar as v is the normal case default.

The present study is based on a small-scale machine learning experiment with one
preposition. However, the promising results we have reported suggest that similar
studies of mobile vowels in other environments may be a fruitful way to go in future
research. It may also be valuable to apply machine learning to other areas of the
Russian grammar that are challenging for students of Russian as a foreign language.
On a more general level our study indicates that machine learning has the potential to
become a useful tool for language pedagogy.
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Mexay TMCKYPCOM M KOHCTPYKIMEH: HCTOPUS PYCCKOI0
ovleano

Cgernana BsuecnaBoBHa Cokonosa u mutpuii Cepreesud Eropos

Hopeexckuii apkTH4eCKUid YHUBEPCUTET, TpoMce; HE3aBUCUMBIN YU EHBIN

svetlana.sokolova@uit.no, degorov@hawaii.edu

Ha cerognsmHuii 1eHb yacTUIa 616410 ONKMCaHA 3HAYUTEIBHO MEHBIIIE, YeM YacTula Oblio,
BOCXOJAIIAasl K IPEBHEPYCCKOMY IUIOcKBamnephekTy. B 3amaum maHHOTO HCClenoBaHUs
BXOJMJIO U3yYUTh TUHAMUKY BUIO-BPEMEHHBIX ()OPM rilarosia ¢ KOHTAKTHBIM yIOTpeOIeHrEeM
Ob16a10, TIPOBEPUTH, Kakue (HDaKTOPBI BIMSIOT Ha BHIOOP BUJIO-BPEMEHHOH (OpPMBI, a TAKKE
YCTAaHOBUTb, MOXET JIM 0Obl6a10 BXOAUTb B COCTaB YCTOWYUBBIX CHHTAKCHYECKHX
KOHCTpYOKkIuil. Onupasch Ha aHaiu3 npuMepoB U3 HamumoHanabHOro Kopryca pyccKoro
A3bIKa, MBI IPOAEMOHCTPUPYEM, UYTO BBIOOP BUIOBOH (OPMBI MOCIE 0b16ANO 3aBUCUT OT
TakuX (QOpMasbHBIX IMOKa3aTesed, KaKk HajJuuue I[eNOYKU JACHCTBUIM M KOHTpacTa, a TaKxke
CBSI3aH C JUAJIOTMYHOCTHIO UJIM HapPaTUBHOCTHIO KOHTeKcTa. Ha ocHOBaHMHU BEIOOPKH MOXKHO
BBIJICJIUTH IBE KOHCTPYKIINU: Ob18a10 + Tpu uim O6oiiee riaroia CB Henmporenmero BpeMeHn
u oOwvigano + CB npomrenmiero BpeMeHu + KoHTpacT. IlepBas KOHCTpYKLHs pa3BOpayuMBaeT
TUTIMYHBIA CIIEHApUH JCHCTBUN B MPOIIJIOM M HAaYWHAET PEXE yMOTPeOJATHCS CO BTOPOU
nonoBuHbl XX Beka. Bropas KOHCTpyKuHMs, CyAs MO BCEMY, SBJISAETCS HMHHOBALMEH U
3aukcupoBaHa riaaBHbIM 00pa3oM B TekcTax MHTepHeTa. O0e KOHCTPYKIUU TPEACTABISIOT
UHTEpEC, MOCKOJIbKY OTpa)kaloT CHocoOHOCTh riaronoB CB yka3piBaTh Ha MpOSIBIECHUS
MOBTOPSFOIIMXCS JIEUCTBUH. MBI pacCMOTpUM CBOKMCTBAa OSTHUX KOHCTPYKIHMH Ha QoHe
JTUCKYPCUBHBIX YIIOTPEOJICHUH Obl8AI0.

1. BBenenne

B nanHOM Hccne0BaHMM MBI pACCMOTPHM COYETAEMOCTh €UHUIIBI 6b18a10. COTIACHO
OOIIENPUHATON TOYKE 3pEHHs, OTPAKEHHON TMPaKTUYECKU BO BCEX H3BECTHBIX
CJIOBApsSIX COBPEMEHHOTO PYCCKOTO si3bika (cM., Hampumep, Osxxeros, [lIBenosa 2001;
MAC), moMuMo ciydaeB yrnoTpeOsieHus B KauecTBe cOOCTBEHHO Tiaroia (mpumep 1),
Obl6aI0 MOXET TPENCTABIATH COO0M dYacTUIly, OTMeuas ACWUCTBHUS, HEPETYISPHO
MOBTOPSIIOIIKECS B TIPOILIOM (TIpumep 2):
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(1) Hwuuero, nyman 51, Ha ppoHTE U He Takoe ObIBaJ0. [bynar Okymxasa. MckyccTBo
Kpoiku U KuThs (1985)]

(2) Ei1, koHe4YHO, y)K€ HaJl0eNld 4yXUE KBApTHUPBI, BeUHas CIIEIIKa, OHA, ObIBAJIO,
NOKPHKHUBAJIA HAa HETO, 3JIMJIaCh, KpacHeaa. [AnHaronuil A3zonsckuil. Jlomymok
// «HoBwiit Mup», Ne 8, 1998]

[Tpy 3TOM TPHUMEHUTEIHFHO KO BTOPOMY NPHUMEPY B PYCCKOW JIEKCHKOTPaQUICCKOM
TPAJUIIMA TIPUMEHSECTCSI U TEPMUH «UACTHUIA», YHOTPEOISIOMmasiCs «KaK BBOJIHOE
cnoo» (MAC 1981: 128), u npocTto «BBOAHOE ci10BO» (Osxkeros, lIsegosa 2001)!.

B cuny Toro, 4To enuHMIA 6bi6aI0 YKA3BIBAET HA TOBTOPSIONIUECS JIEHCTBUS, €€
yrnotpebnenne ¢ riaronamu  CB, o00o03HauarOmUMU OJHOKpAaTHOE JIEHCTBUE,
cemanTuuecku 3arpyaHeHo. @. U. bycnaes B cBoeli rpammatuke (bycmaeB 1959: 365)
Jake OTMEUaeT 3amnper Ha ynorpedinenue ¢popmbl CB mpoieaiiero BpeMeHu B 0JIHOM
KOHTEKCTEe C Owvlsano: *oOwieano ckazan, *owieano ceucmmuyn. OIHaKO Onaromaps
HENPSIMOMY YNOTpeOIeHUI0 OyAyIIero BpeMeHu, couetanue 6si6aio ¢ CB BO3MOXHO
M 4aCcTO BCTPEUAETCS B XYJ0KECTBEHHOM JIUTEpaType:

(3) bBsiBago, npuenIb JOMOM, OJIOBOM TKHEWIbCA B MOAyIIKy — mepteen! [FOpuit
bonnapes. beper (1975)]

B nanno#i paGote MBI 0CO00 OTMETHM MPHUMEPHI COYETAaHUS Obi8a10 C (HOPMOU
nporeaniero Bpemenn CB, KOTophie, COTacHO OOIIEMPUHATON paHee TOUYKE 3PEHUSI,
CUUTAJIUCh HEBO3MOXKHBIMHU, Cp. ipumep (4):

(4) OBIBan0 OpOCHI IEBYIIKY U TIOTOM JIO CJie3 €€ ObLJIO KaJIKO
[live.Mephist.ru/show/words/wid/10579/150]

Onupasch Ha TPAJULIMIO OMMCAHUS A3bIKOBBIX €IMHULL C TOUYKH 3PEHUS TPAMMAaTHKU
koHcTpykimi (Goldberg 1995, 2006; Croft 2001; Paxunuaa 2010), MbI HOKaxeMm, 4ToO,
€IMHULIA Oblea0 MOXET BBICTYNATh KaK SKOPHOE CJIOBO YCTOMYMBBIX IJIaroJibHbBIX
KOHCTPYKLIMH, T7Ie «IKOPb» (aHIJI. anchor) — 3To pUKCHPOBAHHAS YaCTh KOHCTPYKIIHUH,
KOTOpasi MOXET OBbITh NpPEJCTaBlI€HA KOHKPETHOW JIEKCEMOM WM CTPYKTYPHBIMHU
0COOEHHOCTSIMU TUIIA WHBEPCHOHHOI'O IMOPSAJKA CIOB WM MOBTOPEHMS JIEMEHTOB, a
«cnot» (aHria. slot) — mepeMeHHas 4acTb, KOTOPas MOXKET 3aIlOJHATHCS Pa3HBIMU
equanaMu (Endresen u np. 2020). Takoii 1moaxo/1 K OMMUCAHUIO KOHTEKCTOB C 0618410
MO3BOJIMT HAaM HE TOJIBKO MPOCIEIUTh U3MEHEHHs B BbIOOpE BUAO-BpEMEHHBIX (popm
BHYTPU 3TUX KOHTEKCTOB, HO U BBIJCJIIUTHh KOHCTPYKIHUU C 6b18an0 U ONPEACIUTh UX
dbopManbHble TapameTpbl. Takum o0pa3oM, MOJ KOHCTPYKLHMEW Mbl OyZieM MOHHUMAaTh

1 B otnenpHBIX paboTax STH IBa HANMEHOBAaHUS Nake OOBCOUHSIOT BMECTE, Ha3bIBas BCE HE COOCTBEHHO
TJIaroJIbHBIE YIIOTPEOJICHHS 0616410 «dacTHIIEH/BBOAHBIM ciioBoM» (Crunnasa 2013: 175).
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HE IPOCTO COYETAHHE 0Obl6aNI0 C KOHKPETHBIMU BHUO-BPEMEHHBIMM TIJIaroJbHBIMHU
dbopmamu Bpoze 6vi8ano + HCB npomieniiiero BpemeHu (cM. mpuMep (2) Bbllie), Kak
TO TmpecTaBieHO B mpeapiAymux pabdorax (CuumnaBa 2013). B nmanHOM
UCCJIE0OBAHUU KOHCTPYKILIMSI TaKX€ YYUTHIBAET CBOMCTBA CIOTOB (HAmpumep, HuX
KOJINYECTBO) U HAJIIMUYKE JONOJHUTEIBHBIX SIKOPHBIX JIEMEHTOB, TAKMX KaK KOHTPAcT
(cm. npumep (4) BblLE).

Mpb1 nokaxem, 4yTo BbIOOp BUIOBOW (DOpPMBI TOCTE €AUHULBI ObI6ANIO 3aBUCHT OT
Takux (QOpMalbHBIX MOKa3aTellel, Kak HaJlWuue IEeNOo4YKd AeHCcTBUMl (cepuilHOCTH
NPEeIMKATOB) U KOHTPACTa, a TaKXkKe CBSI3aH C JUAJOTMYHOCTHIO WM HAappPaTUBHOCTHIO
KOHTeKcTa. Hanuuue riarosbHONM 1LENOYKU T1Oocie 0bi8ano, T.e. HECKOIbKUX
IJIaroJIbHBIX MPEJUKAaTOB, IOBBIIIAET MOTEHIMAT YNOTPEOIEHUS HEMPOIIEIIIEro
BpeMeHu HeszaBucuMo oT Bujaa (ana mnpeaukatoB HCB u CB). Tem cambiM,
ynorpe6nenne CB nHenpomeamero BpemMeru (GakTUIecKu 00yCIOBICHO CEPUIHOCTHIO
NPEIMKATOB U MPEJCTAaBISIET COOOM OTHENIbHYI0 CHHTAKCHYECKYIO KOHCTPYKIHMIO.
Kpome Toro, Ha BbIOOp BHIO-BpEMEHHBIX (DOPM JOMOIHUTEIBHO BIHUSET «PEKHUM
MHTEpIIpeTalny (IUaJTOrHueCcKUil I HAappaTUBHBIN, cM. 00 3TOM paszzmen 4.2.2). B
YaCTHOCTH, JMAJIOTUYECKHE KOHTEKCTHI B OOJbIIEH CTEMEHU TATOTEIT K (popmam
HEMpONIeANIeEro BpeMeHU. B cBoOlo ouepenb BBEACHUE KOHTpacTa CIOCOOHO
KOMIIEHCUPOBAaTh CEPUMHOCTh U CO3JAET yCJIOBHUS A KOHTekcToB Tuma (4) ¢ CB
MPOUIEAIIEro BpeMeHH, 00pa3yst OTACIbHYIO KOHCTPYKIIHIO.

Crathsi opraHuzoBaHa CJeIylOIIUM o00pa3zomM. B pazgene 2 Mbl mpuBOAUM
o0CyXXJleHue OCHOBHOW JIUTEpaTyphl, MOCBAIIEHHON (DYHKIMSIM EIUHULBI 6b18aO.
Marepuan u MeTOJ AAaHOTO MCCIEAOBAaHUS NpEACTaBlIeHbl B pasaene 3. B pasgene 4
CHauaja TPUBOAWTCS JWHAMUKA BHJIO-BPEMEHHBIX (QOpM ToOcle O»i6alo Ha
npoTspkennu XIX n XX BekoB (pasmen 4.1), 3areM paccMmarpuBaroTcsl (aKTOpHI,
KOTOpBIE MOT'YT BIMATh Ha 3TO pacupeneseHue. PacnpeneneHue BUA0-BPEMEHHBIX
dbopm mocne Ovisao B 3aBUCUMOCTH OT TaKux (POpMaJIbHBIX MOKa3aTesiel, Kak JJInHA
IJIaroJIbHOM IENOYKU M KOJUYECTBO CYOBEKTOB B MPEMJIOKEHHH, OOCYXKIAeTcsi B
pasnene 4.2.1. B pasznene 4.2.2 pacnpejeneHue BUI0-BPEMEHHBIX (OPM COOTHOCHUTCS
C JKaHPOBOM XapaKTEPUCTUKONW KOHTEKCTOB, & MMEHHO HX JUAJIOTHYHOCTBIO WIIU
HappaTuBHOCThIO. HakoHel, B pa3zaene 4.3 Mbl aHaIU3UPyEM 0COOYI0 KOHCTPYKIIUIO —
ynotpebienue 6si8ano ¢ rinaroiamu CB npomenniero BpeMeHnu. OCHOBHBIE BBIBOJIbI
UCCIJIEIOBaHUS IPUBOSTCS B pas3zene S.

2.OcHoBHBIC (PYHKIUHU Obl6AI0

Ha ceromusmiauii 1eHb 661610 W3y4EHO JTOBOJIBHO CJIa00, B OTIMYHUE OT YACTHIIBI
OvL10, KOTOpOU mocBsIeHo Hemano padot (YepnoB 1970, Barentsen 1986, Jlynenko
1989, HlomuranmBuiu 1998, Kusses 2004, ITonoa-bortuno 2009, Cuunnasa 2009,
2010, Kagan 2011). ITomynsipHOCTB 6bL70 OTYACTH OOBICHSETCS €€ CBSI3bIO ¢ OopMOit
JPEBHEPYCCKOTO IUTIOCKBaMIEppeKkTa M KEJaHHEM YUYEHBIX MPOCIEAUTh pPa3BUTHE
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JAHHOW BpPEMEHHOU (QOpMBbI. bbiano, Kak 3TO U OTPAKEHO B CIOBAPHBIX CTaThiX, B
OCHOBHOM OIpefieNiieTcd KaK YacTUIa, MpHUAAolias OTTEHOK IOBTOPSEMOCTH B
npouuioM. [IpakTHueckn OTCYTCTBYIOT paOOThl, MOCBSILIEHHBIE (PYHKIIMOHAIbHBIM
OCOOCHHOCTSIM JAHHOW YaCTHUIIbI, a TAKXKE TMOMBITKA YTOYHHUTH €€ T'PaMMaTHUeCKUN
craryc, He cuutas 3amedanuss B (Ilmynrsu 2001), rae 6wisano, Hapsaxy c 6siio,
OTHECEHO K MOKa3aTelsiM peTPOCHEKTUBHOTO cABUra, U (Cuunnasa 2013).

OcHOBHOM BKJIaJ B ONMHMCAHHE YaCTHUIIBI Obi6ano Obul cienaH B pabote (CuumHaBa
2013), xoTopasi 0XBaThIBAET Cpa3zy HECKOJbKO acHEeKTOB ()YHKIIMOHUPOBAHUS ObI8ANLO
B COIIOCTABJICHUU C Obl10. BaXKHEHIINM CTPYKTYPHBIM 3JIEMEHTOM pPabOThl SIBISETCS
KJaccU(UKalMs CTeNeHel rpaMMaTHKaIU3aluu JUIsl YacTHll Obl10 U 6bi8ano. ABTOP
BBIJIETISIET TPU TOJIOKEHUs “‘Ha mMIKane Mexay ad(@UKCOM M MOJHO3HAYHBIM CJIOBOM:
A) BTOpMYHBIE MOp(OIOTHIECKHe MOAU(PUKATOPHI K TJIaroibHBIM clioBodopmam, b)
JMCKYpPCHUBHBIE NIOKa3aTeu, B) aneMeHTsI I11arojbHOM cepuanu3anuu.

B pamkax sToil Kiaccuukanuu, OuLio U 6bl8aN0 UMEKT CTaTyC «BTOPUYHOIO
Moaudukaropa» (tum A), Kormaa peub HIET O JOCTaTOYHO YCTOMYMBBIX
KOHCTPYKIIUAX, TJI€ €IUHUIIBI ObL10 U Ob18aN0 TIATOTEIOT, «BO-NIEPBBIX, K KOHTAKTHON
NO3UIUU ¢ MOAUPUIMPYEMON TJAroiJbHOM cI0BO(OPMOI, BO-BTOPHIX, K BBIOOPY
OTIPEICNIEHHOTO KJIacca CIOBOGOPM C TpaMMATHYECKOW TOUKH 3PEHHUS, B-TPETHUX, K
HECaMOCTOSITENIbHOMY mpocoandeckomy crarycy» (CuumnaBa 2013: 156), cwm.
npumepsl (5-6):

(5) [XotTabbru, Hukomait Bonkos, myx, 56, 1900] A MHE GbLJI0 MOKA32J10Ch / YTO
ATa MOYTEHHAS KEHIIMHA OCTAIaCh HETOBOIbHA TUPOTON TBOUX IO3HAHMIA
[["ennaauit Kazanckuii, JIazaps Jlarun. Crapuk XotTtabsry, k/¢ (1956)]
(Cuumnasa 2013: 177)

(6) C kakuM BOJIHEHHEM, OBIBAJIO, K/I€lb MOSBICHHS BaJb/IIHENa U3-3a BEPIINH
nepeB U Kak oopanyemibes yanaunomy Beictpeny! [C.T. AxkcakoB. 3amucku
pyxeiiHoro oxotHuka OpenOyprckoit ryoepuuu (1852)] (Cuunnasa 2013: 179)

Ynorpebnenue OvL10 U ObIBAIO KAK AUCKYPCUBHBIX TMoOKaszarened (tur b) MoxxHO
OPOWJUTIOCTpUpOBaTh mpuMmepamMu Tuna (7-8). XoTs ¢opManbHO MOKa3aTeau
IUTFOCKBAMIIEP(PEKTHOTO MPOUCXOKIAEHUS 3[€Ch BBOIAT IMEPBYIO MPEAUKALMIO, I10
CYTH, OHU BBIPQKAIOT 3HAUCHHE «HEAKTYaJIbHOTO BPEMEHHOI'0 MHTEpBaJIa» U cdepa ux
JEHCTBUS paclpOCTPaHIETCsl HA HECKOJIBKO MPEAUKATOB WITH IaXke TeJIbIi ab3ail.

(7) Coepsa 6bL10 KaTaJjcs, Ouncs, moroM npumoiik. [Mapk Ceprees. Bomnmeonas
rajoma... (1958-1965)]. (CuumnaBa 2013: 180)

(8) bBbIBaJI0, HE €T0 BBI3BIBAJIM K JIOCKE, a OH CaM UJET K Heil, MyJyaeT Impemno-
JaBatess, IOTOMY YTO €My HEMOHSATHBI T€ WIHN APYTHe MaTeEMaTUYECKUe
dopmynel. [Hukura Xpymes. Bocmomunanus (1971)] (Cuunnasa 2013: 181)
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Hakonen, /[. B. CuunHaBoi ObUTM OTJENBHO OMHMCAHBI PAa3rOBOPHBIE KOHTEKCTHI,
rae 6vi10, a B HEKOTOPBIX ClydasX U Obleéano, MOTYT BBICTYINATh KaK CBOETO pojia
TUTIEPOHUMBI («Oosee OOIIue CHHOHUMBI»), KOTOpPHIE BBOISAT CHUTYAIlMI0O U 3aT€M
YTOUHSIIOTCS 00Jiee KOHKPETHBIMU TJlarojiaMu. Takasi riarojipHas cepuanu3auus (TUI
B) BcTpeuaercs B pa3roBopHOM U JUAIEKTHON peuu, cM. npumepsl (9—10):

(9) [Ned, myx, 35] OnuH pa3 6b1J10 / IONaJ / HE TIOMHIO B KAKOM Toy / ceiuac
ckaxy /B 91-om / s 6611 B MockBe Ha KpacHoii muiomnaau 7 HOSAOps U BUIET
['opbaueBa / Ha MaB3onee crout. Mue nonpaBusiock. C MOCKBUYAMHU
TpaHCHapaHTHl HeC Kakue-To... [becena ¢ componorom Ha 00MECTBEHHO-
nonutuaeckue Tembl (Boponex) / @ona «ObmecTBeHHOE MHEHUEY, 2003 ]
(Cuumnasa 2010: 194)

(10) 3naunt / TaM y HUX OBIBAJI0 / MATh FOBOPMJIA / UTO BOT €CIIU KTO-HUOYIb U3
HUX TaM JEKYPUT Ha KyXHe / 3HAUUT / 00s13aTeNbHO / TOBOpHIIA / UTO-HUOYb
npuHeceT. [buorpadwus (6ecena muHrBUCcTa ¢ HHGOPMAHTOM) // ApXHUB
XenbCUHKCKOTO YHUBepcuteta, 1998] (Cuunnara 2013: 182)

Mo3HO cKka3aTh, UTO JUISl ObLI0 B LEIOM XapaKTepeH UMEHHO CTAaTyC «BTOPUYHOTO
MomudukaTopa»,  OOYCIOBIECHHBIM  NMPOWCXOXKIACHHEM  ATOW  EOHHIBI  OT
rrockBamiiep pekra. CoryiacHO KOPITYCHBIM JTaHHBIM, TIpeICcTaBleHHBIM B (CHYnHaBa
2009: 367-368), B  JUTEpaTypHBIX TEKCTax  MpeobiagaeT  KOHTAKTHOE
CJIOBOYIIOTPEOJICHUE ObLI0 C TJIATr0JIOM, MIPHYEM MMEHHO B MOCTIO3UIUH (TIPHUMEPHO
75-80% cny4aeB). [Ipu KOHTAKTHBIX YIMOTPEOICHHUSX MMO3UIIMS HEPEJKO OTPECNIeTCs
CEMaHTHKOW mpeaukara. Hampumep, B II€IOM TPEMO3UIUS ObL10 XapaKTepHA IS
IJIar0JIOB YMO3AKJIIOUEHHUS W OUIYIIEHUS BpOAE nooymams W ucnyeamscs (6vl1o
noodyman), OJHAKO, KOTJAa 3TU TJIarojibl YKa3bIBAIOT Ha BOJICHU3bsIBICHHE (‘3aX0Ten
cAenath’), ObL10 YHOTPEONSIETCS MOCTIO3UTUBHO (nodyman 6Ovino) (CuunnaBa 2009:
357-369).

[Tokazarenb 6blgano B MEHBIIEW CTENEHH NPOSBISET NPU3HAKUA <«BTOPUYHOTO
MoaudukaTopa», MOCKOJIbKY HE BXOAWJ B COCTaB TakOW aHaJIUTHYECKOW rpamma-
TH4YecKko (opMbl, Kak JpeBHEpyccKui IumtockBamnepdexr. Haumbonee sipkumu
MPEICTAaBUTEISIMU 3TOH Tpymibl CranHaBa cuutaeT codetanus ¢ CB Hempomeamero
BPEMEHM U TOCTHO3ULIMEH Oblgano Tuna omxpoewv odwvisano (Cuunnasa 2013: 178),
KOTOpPBIC TIPH 3TOM TSTOTEIOT K GopMe OOOOIICHHO-TMYHOTO 2 JHIa €7. 4YHCcia.
[Tpumeps! Tuna (6) NMpeaCTaBISIOTCS MEHEe YETKUMH CIy4dasiMd, Tak KaK He BIIOJIHE
MOHATHO, YeM (6) OTIu4aeTcs OT ABYX JAPYTUX KJIACCOB — TUCKYPCHBHBIX MOKa3aTenei
(b) u snemenTtoB riaronpHOM cepuanuzanuu (B). Kak ormeuaer cam CuuuHaBa, ams
yIIOTpeONeHNsT  Oblgan0  XapakTepHa HMEHHO «mHpokas cdepa  JeicTBus,
OXBaThIBaIOIass HECKOJIbKO mpenukaiuiiy (CuunHaa 2013: 181). Onnako knaccsl (b)
u (B) B cimyuae 6v18a10 60iee moApoOHO B CTaThe HE PaCCMATPUBAIOTCA.
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B pa6ore (CuumnaBa 2013) mpuBoAsTCsS AaHHBIE MPOLEHTHOIO pacIpeieieHuUs
COYETAEMOCTHU €IUHUIIBI Obl8an0 C TIAroJbHBIMU (DOpMAMH BPEMEHH, NPU STOM HE
YTOYHSIETCS], KaK ObLIT MIPOU3BEIECH MOUCK U O KAKOM KOJIMYECTBE MIPUMEPOB UJIET PEUb.
CornacHo TaHHBIM UCCIIeIOBAaHUS, KOHCTPYKIHS Obigano + Oynyliee BpeMs BblieleHa
Kak HauOoJjiee rpaMMAaTHKaJIN30BaHHAsA, OJHAKO YK€ HauyMHas CO BTOPOM IOJIOBUHBI
XX Beka Ha MEePBBIN TUIAH BBIXOJAT (GOPMBI MPOIIEIIETO BPEMEHU HECOBEPIIEHHOTO
BUJA, U1 KOTOPBIX XapaKTEpPHO JWCTAHTHOE PACIIONIOKEHUE Ovlgano ¢ riarojoM. Ha
OCHOBE JTOr0 JeNaeTcs BBIBOJ, YTO CO BTOpOM MONOBUHBI XX BeKa 0Ob16a10
MOCTETIEHHO BBICBOOOXK/IAETCA «U3 MPOKPYCTOBA JOXAa TI'PaMMAaTHUKAJIW30BAHHBIX
KoHCTpyKuui» (Cuunnasa 2013: 187).

UccnenoBanne (CuumnaBa 2013) — BaxkHBIM mar B HM3y4YeHUH OCOOCHHOCTEM
eIUHUIIBI Ob168AI0, TIPEK]IE BCErO NUAXPOHUUYECKUX U3MEHEHHH B YHOTPEOICHHH ATOU
enuHuLbl. TeMm He MeHee, psJl BOIPOCOB OCTAaeTcs OTKPBITHIM. [IpaBaa u, uto Owvieano
yTpauuBaeT CBsI3b C TIJarojbHbIMU KOHCTPYKIMAMH? OTMETHM, 4YTO B TMOJE
NpPEbIIYIIEr0o HCCAEAOBAaHUS HE MONAIM BCTPEYAIOIIMECs HMEHHO CO BTOpPOH
nosioBUHBl XX BeKa KOHTEKCTHI ¢ ¢opMoil mpormeamero Bpemenu CB, KoTopbiM B
JAHHOM CTaTbe INOCBAILLIEH OTAENbHbIM pa3znen. Kpome Toro, B MNpeaplaIylInX
HCCJIEIOBAaHUSX KOHTEKCTOB C Obl8a10 HE 00CYXKIAeTCs MOTEHIMABHAS CBSI3b MEXKIY
CEMaHTHKOW TJIaroJioB W pa3HbIMH BHIIO-BpeMeHbIMH (opmamu. PaccmarpuBas
KOHTEKCTBHI ¢ (popmoii mpomeamiero BpemeHu CB, MBI MOKakeM, YTO CEMaHTHKA
rjiarojla UrpaeT HemanoBaxkHyto poiib. B (CuuunaBa 2013) ormeuaercs, 4to 6si6ano,
KaK NpaBWJIO, OTHOCUTCS HE K OJHOMY TJIarojly, a K HECKOJbKUM, OJIHAKO HE
NpUBOJATCS OoJiee MOAPOOHBIE XapaKTEPUCTUKH LIETIOYKU TJIArojOB U OTCYTCTBYIOT
CTaTHUCTUYECKUE JaHHbIE Ha 3TOT cueT. MccnegoBaHue TakKe NPAKTHUECKH HeE
3aTparuBaeT B3aUMOJCHCTBHAA KOHCTPYKIIMHM C PErUCTPOBOM XapaKTEPUCTUKOU
KOHTEKCTa, KpOME YyKa3aHUs Ha >KaHp JIUCKypca, B KOTOpPOM HamOoJiee BEpOSITHO
yrnoTpeOsieHne KOHCTPYKIMH, — BOCIIOMUHAHHS O CPaBHHUTEIBHO JAJIEKOM MPOIIJIOM
(Cuumnasa 2013: 188).

JlaHHOe ucclieloBaHUe, NMPUHUMAsi BO BHUMaHUE pe3ylbrarhl paboThl (CuunHaBa
2013), craBuT cBOEH 3a7a4eii OMMCcaTh CHHTAKCHYECKUE KOHCTPYKIMU ¢ Obieano u CB:
ovieano + CB Hemnpomieanero BpeMeHu, 00yCIIOBICHHYIO CEpUMHOCTBIO MPEeAUKATOB,
u owviearo + CB mpomenmero BpemeHnu + KOHTpacT. Mbl Takke mnoapoOHee
paccMOTpUM pasiuyHble (opMabHble (AKTOPbI, OT KOTOPHIX 3aBUCUT BBIOOP BHUJIO-
BpeMEeHHOW (OpMBI B KOHTEKCTaX C Obl8@l0: HAIUYHUE IETOYKH JEHCTBUI
(cepuiiHOCTH TPEIUKATOB) M KOHTPACTa, a TaKXKE CBA3b C JUATIOTOYHOCTHIO WU
HappaTUBHOCTHIO KOHTEKCTA.

3. MarepuaJj uccJIe0OBAHUS U METO/

B xoj¢ Hamiero uccieaoBaHus Mbl 3a4a1UCh CICOYIOIMMMHA BOIIPOCaMMU:
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a) Kakas Bumo-BpemenHas gopma riaronia (U3 4eTbIpeX MOTEHIIHAIBHO
Bo3MOHbIX: HCB B npomenmem, HCB B Henpomenmem, CB B
Henpomreaniem, CB B npoieem) Hanbosee IpearnouTuTeIbHa B OJJHOM
KOHTEKCTE C 6618410 Y KAKOBA JUHAMHKA 3TON COUETAEMOCTH?

b) Ot kakux (GakTOpOB 3aBUCHUT BHIOOP BU0-BpEMEHHOM (POPMBI?

c) Kakue cuHTakcnueckue KOHCTPYKIIMHU MOKHO BBIJEINUTD C €AMHUIIEH
ovieano?

HccnenoBanue ObIIO MPOBEACHO HAa MaTepuale KOHTEKCTOB M3 HanmoHansHOrO
koprmyca pycckoro s3bika (HKPA: www.ruscorpora.ru). Hac wuHTepecoBaio

ynoTpeOieHue Ovl8ao B  HEMOCPEACTBEHHOM TMPEMO3UIMH K  IOCICAYIOIHNM
rJ1arojibHeIM (hopMaM, MOCKOJIbKY MMEHHO B 3TOM Ciy4yae CTaTyC Obl8an0 HauMEHee
OYEBUJEH: NPU NPETO3UTHBHOM KOHTAKTHOM YIOTPEOJIEHUU Obl6aO0 B MEHbBLIEH
CTETIEHN TMPOSBISET TMPHU3HAKKA BTOPHYHBIX MOAM(PHUKATOPOB, HYEM B cCllydyae
MOCTIIO3UTUBHOIO YHOTpPEOJieHUs Tumna omkpoewb Ovigaro (cM. CuunmHaBa 2013:
178), HO 1 HE BcerJa MOXKET pacCMaTPUBATHCS Kak CBOOOHAS TUCKYPCUBHAS YaCTUIIA
WIK BBOJHOE CIIOBO, KOTOpPOE MOKHO OIYCTUTH 0O€3 3aMETHOW MOTepu CMBICTA.
Enununa 6Owvi6ano mposiBASET CBOWCTBA JUCKYPCUBHOM YaCTHIBI TPEXKIE BCETO B
cllydyae MCTAaHTHOTO yMOTpeOieHus, uTo ObuUto Takke orMmedeHo B (CuumnaBa 2013:
178). 3ampoc 8 HKPS dhopmynupoBancs cienyromum obpa3zom: buigano (paccmosnue
1) + V. YtoObl n30€xkaTh BIUSHUS WHAUBUAYATBHOTO CTWJIS, Mbl HPOU3BOJIbHBIM
o0pa3oM Opaiu OJMH KOHTEKCT OT KaKJIoro aBTopa. KoHeuHbI BapuaHT BBIOOPKH
coctaBull 742 koHTekcTa U ObU1 pasmeueH no npuszHakam Buja (HCB/CB), Bpems
(mpoienuiee/Henpouieaiee), MNPU3HAKy  JUAJIOTMYHOCTH/  HAPPATUBHOCTH U
KOJINYECTBY CYOBEKTOB M TPEIUKATOB, CBSA3AHHBIX C Obliéano. BpemeHHOU mepuon
BKJIIOYad B cebsi koHTekeThl ¢ 1700 mo 20082 rr. Jlns oTcleKMBaHUS M3MEHEHMH B
KOHTEKCTaxX B JUAXPOHUH MbI MOJEJIWIN BECH BPDEMEHHOW MHTEPBAI Ha OTpe3Kku 1o 50
JIeT, OTJEIbHO paccMaTpuBaiuch KOHTEKCTH ¢ 2000 mo 2008 rr. [lis ompexneneHus
CJIy4aifHOCTH/HECITy4aitHOCTH HAOMIOJJTaeMBIX  pachpeieleHUi YaCTOTHOCTH
HCIIOJIb30BAJICS. KPUTEPUI 2.

4. AHAJIN3

4.2. PacnipenesieHue BUAO-BPpeMeHHbIX (GopM mocsie 6s16a10 B 3aBUCHUMOCTH
OT BPEMEHHOI' 0 MHTEpBaJa
Kax Bunno 3 Tabnuuel 1 u J{luarpamMmmsl 1, iMeeT MeCTO JOBOJILHO YeTKasi TEHACHITUS

K TIOBBIIIEHUIO KOJHYECTBAa (DOPM MPOIIEIIIET0 BPEMEHH BO BTOpPOH monoBuHE XX

2 Jlanmas Ga3za Obuta cobpana B 2010 romy, pe3ylnbTaThl MCCIEHOBaHUS ObUIM IpeacTaBieHbl B (COKONIOBa,
Eropos 2011).
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Beka. OJTHOBPEMEHHO C 3TUM HaOIro/aeTcs yMeHblleHue He Tojbko (Gopm CB, HO B
1eJIOM (POpPM HENPOILEIIIEr0 BPEMEHH.

1800-1849 1850-1899 1900-1949 1950-1999 20002008
# | ipm # ipm # ipm # ipm # ipm
HCB 29 | 1.27 42 0.68 65 0.65 111 | 1.08 57 0.82
IpoI
HCB 8 0.35 42 0.68 49 0.49 30 0.29 13 0.19
HETpOIL
CB 27 | 1.18 68 1.10 89 0.89 69 0.67 39 0.56
HEIPOII
CBopomr | 0 0 0 0 0 0 1 0.01 1 0.01
Bceero 64 | 22895801 152 | 61839667 203 | 99751573 213 | 102864320 110 | 69330753
npuMepoB/
Bceero
CJIOB B
KopIyce

Tabnuya 1. Pacnpedenenue 6udo-epemennuix gpopm 2nazona nociie 6bIBAJIO 6 OUAXPOHUU RO OAHHBIM
HKPA (ipm = Konuuecmeo ynompeonenuil Ha MUIIUOH C108).

JMuazpamma 1. Pacnpedenenue 6udo-epemeHHbIX hopm 21az201a nocjie 6bIBAIO 6 OUAXPOHUU RO OGHHBIM
HKPA (ipm = Konuuecmeo ynompeoaenuit Ha MUIIUOH C106).

K xonmy XX Beka 6s16a10 cTano yaiie UCHOJIb30BATHCA C opMamMu MPOIIEIIIETO
BPEMEHH, YTO MPUBEJIO K CHIKEHUIO ynoTpebaeHus riarojoB CB nocie owvisano.

OTH BBIBOJBI MOATBEP)KIAET U CTATHCTHKA: M3MEHEHHE B PACHpPEACICHUH BUIA
riarojla B HeMmpomeamux (opMax CTaTUCTUYECKH HE 3HAYUMO, B TO BpeMs Kak
pacnpeneinenre BpeMeHHbIX GopM B pamkax oaHoro Buaa (HCB) mmeer mokaszarenu
2 =32,4645, p =1,537e-06, V Kpamepa = 0,27.

[Ipu sTomM cHmkeHue yacToTHOCTH ¢opm CB Bo BTOpoii monoBuHe XX Beka He
CBSI3aHO C PEMpPEe3eHTATUBHOCTHIO Kopmyca: 06a nepuona (I u Il monoBuna XX Beka)
MIPEICTAaBICHBI MPAKTHUECKU OJMHAKOBBIM Ha00OpOM KaHpoB (cM. Tabmwuiry 2).
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XYIOX. | MyONUIUCT. | y4eOHO- LEPKOBHO- XYAOX.- OBITOBOI Bcero
Hay4HBIN 0OTOCITOBCKHIA | MYOIHIUCT.
1900-1949 | 136 53 8 3 3 0 203
1950-1999 | 143 60 6 2 1 1 213

Tabnuya 2. Pacnpedenenue konmekcmoeg ¢ 661Bano no sycaupam (I u Il nonosuna XX eexa).

Taxkas sxe xkapTuHa (06€3 aHa/IM3a )KAaHPOBOT'O PACIpeICTICHHs) PETUCTPUPYETCS U B
(CuumnaBa 2013: 179, 190). I'nmaBHbIM 00pa3oM Ha OCHOBE STHX JIaHHBIX JEJIaeTCs
BBIBOJL O JerpaMMaTHKalM3alldd COYETaHUW C Owvigano. XOJI MBICTU aBTOpa
cienyromuidi. ['paMMatukanusamms, coriacHo emy, (opMaibHO OOHapyKuBaeT cels
KOHTaKTHBIM yTOTpeOJIeHUEM 0Obi6ao M TOJHO3HAYHOro riaroia. Ilockoibky, 1o
MHEHUIO aBTOPa, MAKCUMAJIbHOE KOJIMYECTBO KOHTAKTHBIX YHOTPEOICHUN MPUXOAUTCS
UMEHHO Ha TnepekTHyro ¢opMy OyAylmiero BpEeMEHH, MNPEANoaraeTcsi, 4ro
YMEHBIIECHNUE KOJWYECTBA MOCIEIHUX MOXKET CBUIETEIbCTBOBATH O ‘‘pa3sMbIBAHUU’
KOHCTPYKIIUU.

B nuckyccuu o craryce 6wvi6ano B couetaHuu ¢ nepPexkTHeIMU hopMaMu OyayIIero
BPEMEHU BAXKHO OTMETUTh HECKOJBKO JOTOJHHUTEIBHBIX OOCTOSTENbCTB. Kak MbI
BUJUM W3 MPUBEICHHBIX BhINIC TAOJIUIBI U AUArpaMMbl, KOHTAKTHOE YIOTpeOJIeHHe
xapakrepHo He Tonbko i ¢opm CB. Kpome Toro, B (CuumnaBa 2013) He
YUUTBHIBAETCS BIMSHUE TaKoro (hakTopa, Kak HaIMYUe/OTCYTCTBUE IETIOYKU JCHCTBUI
B KOHTEKCTax C Owvl8ano. Kak Mbl mokaxeM B paszene 4.2, Hempolieaiee BpeMsi, Kak
Oynmyiiee, Tak U HACTOSIIEE, KaK MPABUIIO, TECHO CBS3aHO C HAJIMYHEM HECKOJIBKUX
MPEINKAaTOB, B TO BpeMs KaK OJWHOYHBIC TJIArOJbl OOBIYHO AaCCOLIMUPYIOTCS C
dbopMaMu  mpolIEANIEr0o BpEeMEHU. TakuM 00pa3oM, TPYOHO TOBOPHUTH O
JerpaMMaTUKaINu3alud KOHCTPYKIMH C 0Oblgas0 WIW €€ TIOJIHOM WCUYE3HOBECHUH,
OJIHAKO OYEBMJIHO, YTO 3Ta KOHCTPYKLHUS CTAHOBUTCSI MEHEE YacCTOTHOW BO BTOPOM
nojoBruHe XX BEKa.

Eme omaum ¢akropom, KOTOpPHIH BIMSET HA paclpeiesieHne BpPeMeHHBIX (opwm,
sapisieTcs He oTMmeueHHas B (CuumnaBa 2013) auaiorHyHOCTH-HAPPATHUBHOCTH
KOHTEKCTOB. B3auMocCBs3b BUIOBPEMEHHBIX (HOpM Tilaroja B KOHTEKCTE C 0Obl168al0 U
JMAJIOTMYHOCTU-HAPPATUBHOCTHU OYJIeT MoapoOHee paccMOTpeHa B pazuene 4.2.2.

OO6o0mast  BbIIIECKa3aHHOE IO HCTOPUYECKON JTUHAMHUKE  paclpeesIeHUs
IJ1arojbHBIX (JOPM MOCIIE 6b18AI0, MOKHO ClIeNaTh 1Ba BbiBoJa. Ha mpoTsikenun XI1X—
XX BEKOB HUJIET YMEHBIIICHNE OTHOCUTEIBHOM YaCTOTHOCTU Hempoieamux ¢opm. B
TO € BpeMs CO BTOPOU MOJOBUHBI XX BEKa Obl6aI0 CTAJO Yalle YHOTPEONIAThCS C
dbopmamu IPOIIEIIETO BpEMEHH, U TEM CaAMBIM pexe MpUcoeanHAThCA K popmam CB.
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4.2. @akTOopbl, BIUAKIINE HA BLIOOP BUI0-BpeMeHHOH GOpMBbI mocJie
ovleano

4.2.1. PacnipenesieHue BU10-BpeMeHHbIX GopM mociie obi8aio B
3aBHCUMOCTH OT JJIMHBI IJIAr0JIbHOM IeMOYKHN U KOJINYeCTBA Cy0beKTOB
B npenpinymiem pasnene ObUIO TOKa3aHO, YTO B HEMPOIICANIEM BPEMEHU Yallle

ynotpebnsitorest popmel CB, yem dopmer HCB ([{uarpamma 1). OgHako HE TONBKO
BUJ| CBSI3aH C BBIOOPOM BPEMEHH, HO M Takue (DaKTOPhI, KaK KOJUYECTBO MPEIUKATOB
npu Ovl8ano (ATVHA TIaroJbHON IETIOYKH) U KOJIMYECTBO CyOHEKTOB.

OO0m1yr0 3aKOHOMEPHOCTh MOXHO C(OPMYIHPOBATH CICAYIOUIMM OOpa3oM: 4YeM
JUIMHHEE TJIarojibHas 1eTnovka (Ha 4TO BIUSET U KOJUYECTBO CYOBEKTOB), TEM OOJIbIIIe
BEPOSITHOCTh YNOTPEOICHHS HETIPOILIEIIET0 BPEMEHH.

JlnvuHa THarojJpbHOM IENOYKd TMocle Obleano TOACYUTHIBANIACH HA OCHOBE
KOJIMYECTBA MPEeAUKATOB BHYTPU OJHOTO MPEATIOKEeHU (T.€. 10 MepBoit Touku). Takas
npoleaypa He YUUThIBaeT Oosiee MIMPOKUNA KOHTEKCT, HO TIO3BOJISIET CAENATh BHIBOJIBI
O KOJIMYECTBE IJIarojioB, HEMOCPEACTBEHHO NMPUMBIKAIOIUX K Ovisano. [lpeaukarsl B
[JIaroJIbHOM LIETIOYKE MOTYT OTHOCHUTCS K OTHOMY MJIM HECKOJIBKUM CYOBEKTaM.

[IpoummtocTpupyeM TIJ1arojibHble II€NOYKH pa3HOM JUIMHBI Ha HECKOJIbKUX
npuMepax. OJUHOYHBIN MpeauKaT Mocie 6b18an0, KaK MPAaBUIIO, MIPEACTABIAET co00M
ry1aron coctossHus (mpumepsl 11—12) uiau riaaros, BBOIAMIUN MPIMYIO pedb (IPpUMEpPHI
13-14):

(11) Ipuxonurca mHorna yacamu cuaeTh U ckyyatb. I Matseit Ky3pmuu, ObiBaJIo,
cugesa tak. Ho ato ke Ha cimyx6e. [II. ®. Hunun. bawkalmuii poacTBEHHUK
(1937)]

(12) Caymas ero aneknotsl, CamruH, ObIBaj0, YyBCTBOBAJ, YTO YEJIOBEK 3TOT
TrOPAUTCA CBOMMHM 3HAHUSIMU, KaK TOpJWics Obl Y4EeHBIH HCCJEI0BATENb, HO
pacckas3bIBaeT BCErla C TPEBOTOM, C SBHBIM JKEIaHHWEM OCBOOOIUTHCS OT Hee,
BHyIIUB ee caymarensiM. [Makcum [Nopekuil. Xuzup Knuma Camruna. Yacts 3
(1928)]

(13) Bce, Ob1Bas10, roBopuII: «S BaM 3/1€Ch KOILIETEK MPUIIBIO U3 CAMOTO KPETKOro
X0JICTa, HMKOIJla HE pa3opBeTcs, a Bbl MOW HamoJHUTE, Jail Oor emy
pazopBatbes!» [Benmumup Xne6aukoB. Mupckonta (1912)]

(14) «TpuymdanbHbie» BOpoTa — s HU OT KOTro He cibixayl. bBbIBajio, HaHUMaemb

n3po3unka: — K TpuymdaneaeiM. [B. A. I'mnsgpoBckuit. MockBa 1 MOCKBHUYH
(1934)]

[lermoukn U3 ABYX NPEIMKATOB IOCIE Obl8ANO0 MOTYT OTHOCHUTHCS K OJJTHOMY WU
JIByM cyObekTaMm. B mepBoMm ciiydyae Takue MpeasioKeHHs 4acTO COJAEpIKaT IJIaroJibl
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COCTOSIHUSI WIN JEATENbHOCTH (aHri. activity no knaccugpukanun Vendler 1967), cm.
npumepsl (15-16):

(15) Yacamu, ObIBaJIO, cHAENAU Y BOJAbI OE3MOJBHO U CMOTPEJM BIallb, TJIe CHUHEE
cnuBanoch ¢ cuauM. [Homap Jxun. Yuurens (1980-1998)]

(16) A s ¢ nercTBa IMOOUTENH OBUT TIECEH U NMAaMATHh UMEJ. BbIBaJI0, X0XKY BOKPYT U
BCE CJIYHIAK. A Kak OTHSJIM HOT'Y — HOBoe npuctpactue 3aumen. [H. . I'aren-
Topu. Memoria (1936-1979)]

[Tpu Hanuuuu ABYX CyOBEKTOB B MPEJIOKEHUU YaCTO MPUCYTCTBYET KOHTPACT, JTUOO
OKCIUIMIUTHO BBIPAKEHHBIM COIO30M g, Kak B npumepax (17-18), nubo
1oJipa3ymMeBaeMblil, kKak B npumepe (19).

(17) BeiBas10, YNTAI0 KHUT'Y O IIYTEIIECTBEHHUKE, & MEHS BCE MPOCAT YUTATH BCIYX U
00s13aTenbHO BCce 10 KOHIA. [YUTO BBl 3HaeTe 00 3TOM MyTelIecTBEHHUKE? //
«IInonepckas npaaa», 1939]

(18) 3aro B xBapTtupe MBan MBanbva, oHH, ObIBAJIO, 3a0aBJsUIUCHL ¢ bumMom, a TOT
IJIATWI UM TIpeJaHHOW JI000BBIO M HEOTCTYNHBIM BHHMaHueM. [[aBpuui
Tpoenonbsckuii. benwiit bum uepnoe yxo (1971)]

(19) beiBano, croulb B cobope — OomOa pBeTcsl MOUTH HAJ TOJOBOW. |[MOHAXUHSA
Urnarust (Ilerposckast). Ilarpuapx Cepruii u Boicoko-IleTpoBckuil MOHACTBIph
(1992-1999)]

B wmenom, ans Gojee KOPOTKHMX TIJIarojbHBIX IIETOYEK C Obl8an0 XapaKTEPHO
BBEJICHUE KOHTpacTa WU NpsMO peud. B cBOIO oyepenp, IarojbHble LEMOYKU C
OONBIIMM KOJMYECTBOM IPEIUKATOB ONMCHIBAIOT HEKOTOPBI THUIMYHBIA CLEHApUii
Uit coObITHi B mpouuioM (cM. npumepsl 20-21), uro OamKe BCEro K CIOBAPHBIM
OIIpeNIeNICHUAM 0b16a0 KaK NUCKypcuBHOM uyacTuubl. [Ipumep (20) Huxke onuchiBaer
HEOOJIBIIYIO CUTYallMI0 B IMPOILIOM C HECKOJbKMMHU CyObekTamu, mpumep (21) — ¢
OJITHUM CYOBEKTOM.

(20) bbIBaso, 3aJIeTHT B rapax, a JCKYpPHBI 3a3eBaeTcs, «Xapliiei» cpa3y He
NpUMeT, TaKk OH MOTOIMKI MPSAMO HAa TOJ OPOCHT, pa3BepHeTCS U YHJeT.
[Cepreii IllepcrennukoB. Munuimonepsl ObicTporo ciepoBanusi (1997) //
«Cronuuay, 1997.07.01]

(21) bbIBaJI0, MOACKOYHUT, KApTOIIKY YOepeT, KPbIITy MOAJATAaeT, IpOB Ha BCIO 3UMY
HakoJiet. [EBrenuit Hocos. Temuas Boga // «HoBsiit Mup», 1993]
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Hwxke mnpuBenensl aBe TaOMUIBI, B KOTOPBIX TMPEJCTABICHO paclpeecHue

npouleAmux W Henpomeqmux ¢opm riarogjoB HCB B 3aBUCMMOCTH OT JUIMHBI

LENOYKH U KOJIMYECTBA CYOBEKTOB IO JIaHHBIM MEPBOM M BTOPOil MonoBuH XX BEKa.

HCB OnuH cyOBeKT Heckonbko cyObekTOB
Hempom. Ipom. Hempom. [pom.

1 20 46 - -

2 12 9 12 3

3 wn GostblIe 1 2 4 0

Hroro 33 57 16 3

Tabnuya 3. Pacnpedenenue npoweduwiux u nenpouteouwux gpopm 2nazonoe HCB 6 3asucumocmu om 0J1uHbl
UEenouKu 6 KOHMEKCMAx ¢ PA3HbIM KOJIUYEeCmeom cyovekmoes ons unmepeana 1900—1949.

HCB OnuH cyOBeKT Heckonbko cyOBeKTOB
Henpom. Ipom. Henpomi. Ipoumr.

1 13 84 - -

2 5 12 6 5

3 wium Goblie 3 7 2

HUroro 22 99 13 7

Taobnuya 4. Pacnpedenenue npouteduiux u Henpouieouwiux opm 2nazonoe HCB ¢ 3aeucumocmu om onunul
UEenouKu 6 KOHMEKCMAax ¢ PA3HblM KOJAUYeCmeom cyovekmoes 0ns unmepeana 1950-1999.

[TockonbKy AJMHA ETIOYKH 3aBHCUT OT KOJIMUYECTBA CYOBEKTOB, MBI OOBEIUHIIN ITH
nokazarenu B Tabmume 5. YToObl mpociaeauTh AMHAMUKY YIOTPEOJCHHUS BUIO0-
BpEMEHHBIX (OpM B IEMOYKaX pa3HOW JUIMHBI HA TPOTSHKEHUHM XX BEKa, Mbl
pacrpeaenuin KOHTEKCThI 1o ABYM miepuoaam — a0 1950 r. (nmepBas nomoBuHa XX
Beka) u nocie 1950 r. (Bropas momoBruHa X X BEka).

HCB o 1950 nociae 1950
Henporu. Ilpom. Henpou. Ilpom.

1 20 46 13 84

2 24 12 11 17

3 unu 60JIBIIe 5 2 11 5

Hroro 49 60 35 106

Tabnuua 5. Pacnpedenenue npouweduux u nenpoweouux popm 2nazonoe HCB ¢ 3asucumocmu om onunol

uenouxu no 0eym nepuooam — 1900-1949 u 1950-1999.

Kak MBIl BUAMM, KOJMYECTBO MPEIUKATOB MOXKET BIMATH HAa BBIOOP BPEMEHHOMU
(OpMBI: OAMHOYHBIE IPEIUKATHI OOJIbLIE TATOTEIOT K OpMaM MPOIIETHETO BPEMEHHU.
B cnyuae Oonee AMMHHOW TIJ1arojbHOM IEMOYKH TOBBIIIAETCS CIOCOOHOCTH
NPUCOEANHITH MPEIUKAThl HEMPOUIEIIero BpeMeHn Aaxke ajis rinaronoB HCB, xots
3Ta TeHJEHIMs Oojiee 3aMeTHA IMEHHO B TiepBoil nmonoBuHe XX Beka. Takum oOpazom,
MO>XHO TOBOPHTH O TOM, YTO, €CIIM KOHTEKCTHI C 0bl6AN0 CBSI3aHBI C CEPUHHOCTHIO
(memovKkoil NelcTBUii), OHHM CHOCOOHBI 0oJiee AaKTUBHO TMPHUCOCIUHATH (POpPMBI
HENpOIIEeIIIEro BpEMEHN HE 3aBUCHUMO OT Buia (He Toiapko B cinydyae CB, HO u B
ciyqae HCB). Pacnpenenenue GpopM CTaTUCTHUECKH 3HAYUMO JJisi 00OMX MEPUOJIOB:
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tect Ouirepa st pacupeneneHuss KOHTEKTOB B riepuon 1900-1949 nmeer p-3nauenue
=0,0004 (T.e. <0,01), p-3Hauenue ans uarepsaina 1950-1999 cocrapnser << 0,001.

Taxkum 00pa3oM, OJTHUM M3 BaKHBIX (PAKTOPOB BHIOOpa BHIO-BPEMEHHON (POpMBI
nocse 6v16a10 SBIAETCS JUIMHA TJIaroJibHOW IeToYKy: Henpoiueamee BpeMs (kak CB,
tak 1 HCB) Taroreer k cepuilHbBIM MpeaukaTaMm (CoaepkKalluM Tpu WId Oojee
IJIaroJioB), B TO BpeMs KaK OJAWHOYHBIE NPEAUKATHl MPEANOYUTAIOT (POPMBI
npoueamero speMmenn HCB. Coueranust 6si6ano ¢ 1ENOUKOW IriarojoB oOpa3yroT
OTJICJIbHYI0O KOHCTPYKIMIO, COCTOSIIIYIO W3 0Obl8an0 B KayeCTBE SIKOPHOTO CJIOBA U
HECKOJIbKMX CJIOTOB (Tpex Wi Oosiee), KOTOpble 3aloNHSAIOTCA —TJarojamu
Henpouieauero BpeMeHu. Ilpy HanuMuuM HECKOJNBKUX CYOBEKTOB JUIMHA LEMNOYKH
MOKET 3aMEHSTBCSI KOHTPAcToM, Kak B npumepe (19). @opmanbHO Takue npuUMeEpHI €
JBYMsI MpEIUKATaMH IPOSBISIIOT JOBOJBHO MHOIO BapUaTHUBHOCTH, HO YK€ 37ECh
HameyaeTcsl TEHICHLMs, KOTopas peaju3yeTcsi B pa3roBopHOil koHcTpykuuu ¢ CB
IPOLIEIIEr0 BpEMEHH, PACCMOTPEHHOM B paznene 4.3.

4.2.2. Pacnpenesienne BU10-BpeMeHHbIX (POPM mociie 0v16a10 B
3aBMCUMOCTH OT JUAJIOr MYHOCTH-HAPPATUBHOCTH KOHTEKCTA
Kaxk 6put0 mokaszano B paborax E. B. Ilagyueoii (ITagyueBa 2008: 416), riiaronbpHbIMA

BUJ BeNET ce0sl MO-pa3HOMY B «pPEYeBOM» (IUAIOTHUECKOM) U «HAPPATUBHOM)
KOHTEeKCTaX. Pa3znuune B ynoTpeOiieHU riaroibHOrO BUAa B [uanore u Happaruse E.
B. [TapgyueBa npemiioxkuia ONMKMCHIBATh B TEPMHUHAX «PEXKHMMa MHTEpIpETalnn». Tak,
HarpuMep, B HApPPaTUBHOM TEKCT€ HEAOMYCTUMO YHOTpeOJeHUE CTaTalbHOTO
nepdexTa, Tak Kak 6a30Bo€ BpeMsl HappaTHBa — MPOILE/IIEe:

(22) Genble MCKAJM MEHS ¥ HE MOTJIM HalTH. *BmMecTo MEeHs apecTOBAH TMMHA3HUCT
K. => BmecTo MeHs 0b1a1 apecToBaH ruMHa3ucT K.

JlnanornueckuMu KOHTEKCTaMHU MbI OyJleM Ha3bIBaTh KOHTEKCTHI, KOTOPHIE B3STHI U3
npssMol peun. HappaTuBHBIE KOHTEKCTBI — 3TO KOHTEKCTBI, NPEACTABIALINE
noBecTtBoBanue. B HKPS aumanorunyeckoe u HappaTHBHBIE KOHTEKCTHI C 0b18al0
npecTaBIeHbl Kak (opMaMu MPOIIEINIEr0 BPEMEHH, TaK U HETIPOIIE IIEro:

JIMAJIOT MUECKUE KOHTEKCTBI:
ovigano + HCB B npomeamem
(23) A Benw, Kats, u He mblo Tenepede, mocTapel, 1a U HeoXoTa cTayio. Tbl, ObIBaJIO,
pyrajia MeHns... PeGsara Bce xuBbl, 370poBbl. [Bacwnuii benos. IlpuBbrunoe
neno (1967)]
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ovigano + CB B Henmpomeamem
(24) HoxnaBmuck, koraa CaHsi KOHUUT, bIHKUH mipogomkan: — Takux KOMaHIUPOB
OIWH Ha ThIcA4Yy. BbIBaji0o, BBICTPOMT pOTY W JaBail HAC KPBITh Pa3HBIMH
BbIpa3uTeIbHbIMU clioBamMu. [Bukrtop Kypoukun. Ha BoiiHe kak Ha BOIHE
(1965)]

HAPPATUBHBIE KOHTEKCTHI:
ovieano + HCB B npomenmem
(25) Cemen UcunopoBud 1 K BOMPOCAM, M3YYaBIIUMCS B 3TOW KHHTE, MOJIXOIUI KaK
anBokaT. EMy monanack riaBa ¢ moka3atenbcTBaMu ObiTust boxkus. OH uutan ee
TaKk, KakK, OBbIBaJi0, CJAymaJ HEyOeAUTENbHYI0 pedb MPOKypopa WM
rpaxkaanckoro uctua. [M. A. Anganos. [lemepa (1932)]

ovteano + CB B Henpoueamem
(26) B cenpMmoit HOMep. bbiBaJsio, npuay, kak auuo opunuanbHoe. Jleckarh, Kak y
Bac, rpakJaHKa, B CMbICIIE TIOpYM BoJonpoBoAa u yoopuoi? [M. M. 3omieHko.
Apwuctokpatka (1923)]

PaccMoTpuM Tenepb BpeMEHHOUM MPOMEXYTOK, I HaOII0JaeTCsl CABUT B CTOPOHY
dbopm mpomreaero Bpemernu, T.e. [-II momoBuHE XX Beka ¢ MPUBSI3KOH K PEKUMY
MHTEpHpETALNH.

AHanu3upysi JaHHbIE 10 TMPU3HAKY JUAJTOTHYHOCTU-HAPPATUBHOCTH, MOXKHO
CKazaTb, 9YTO B IICJIOM JHAJIOTMYECKHE KOHTEKCTHl TATOTCIOT K (opmam
HEMPOIIEIIIEr0 BPpeMEHU (XOTs J0 BTOpOM TOJOBHHBI XX BEKa Takas CHUTyalus
HaOJIIOaeTCs U B HappaTuBe, cM. Tabmuiry 6).

Jlanee B HappaTUBHBIX KOHTEKCTaX MPOUCXOAUT CIBUT OT mpeanodreHus ¢opm CB
Henpoureauero Bpemenu B cropony HCB npomenmiero spemenu (y2 = 20,1356, p =
7,214e-06, V Kpamepa = 0,28 11 KOJOHOK, MPEACTABISAIOMIUX JaHHBIE IO
HApPPATUBHBIM KOHTEKCTAM).

1900-1949 1950-1999
JManor | HappaTtuB JIaJIor HappaTuB
HCB npom 20 45 14 97
HCB nenpom 22 27 13 19
CB nenpo 20 69 24 45
CB npormm 0 0 1 0
Bcero 62 141 52 161

Taonuya 6. Pacnpedenenue 6udoevix hopm 2nazona nocie 6bIBAJO 6 OUATNOUYECKUX U HAPPAMUBGHBIX
konmexcmax (I u Il nonosuna XX eexa).
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Huazpamma 2. Pacnpedenenue 6udoevix ¢popm znazona nocie 0b1BaN0 6 OUATIOZUYECKUX U HAPPAMUBHBIX
konmexcmax ¢ npouenmax (I u Il nonosuna XX eéexa).

WNHTrepecHo, 4TO HappaTUB BO BTOPOU MOJOBUHE XX BEKa MEHSIET JOMUHUPYIOLIYIO
BPEMEHHYIO (OPMY U CKIOHSAETCS K MPOILIEeTHEMY BpEMEHU MpU 00111el HEM3MEHHOCTHU
pacnpe/esieHnsi HappaTUBHBIX U JAMAIOTMYECKUX KOHTEKCTOB B JIBYX IMepuojax (cMm.
Tabnuiy 6). IIpu 5ToM UMEHHO HappaTUBHBIE KOHTEKCTHI TIEPBOM MOJTOBUHBI X X BEeKa
COJIep’KaT JJIMHHBIE TJarojbHbIE LIEMOYKH, C TpeMs U 0ojee NpeauKaTaMH, CM.
npumepsl (27-29), rae npeacTaBieHbl KOHTEKCTBI ¢ 4yeThlppMs (27), mareio (28) u
mecTrio (29) nepuaukaTamMu mocie 6s618a0:

(27) BbiBaso, cobdepyTcest Y X034UKHU KEHIIUHBI, TOJ00HBIE €1 — TaKhe ke TOJICTHIE,
CBITBIC, OCCCTBHITHBIC HA CJIOBaX, — pacmapsT ce0s dYaeM, Pa3sMsIIKHYT OT
HAJIMBOK, MaJICPbl 1 HAYHYT PACCKa3bIBaTh JIPYT JAPYTYy aHEKIOTHI O MYKbSIX, —
CecTpa XO3WKH CIIYIIAaeT Harue CJI0Ba, M TOHKAs KOXKa €€ IIEK TOPUT PYMSHIIEM
CMYIIEHUS], JJUHHBIE PECHUIBI THUXOHBKO TPHUKPHIBAIOT TIJia3a, W BCS OHA
crubaeTcsi, TOYHO TPABUHKA, HA KOTOPYIO IUIECHYJIH S>XUPHBIMH TOMOSIMHU.
[Makcum I'oppkuit. I'puBennuk (1916)]

(28) B pmerctBe, ObIBas10, 3a0epeTcst K OTIY, KOT/la OH yiiIeT, CHUMET C KOBpa Haj
KPOBaThIO TUTAPY, YCSAETCH C HOTaMH ¥ HAYHHAET NMOTHHBKUBATH CTPYHOIO, U
BCE MOATSATMBAET KOJIBIIIEK, — U BCE TOHBIIIE, BCE BBIIIE CTPYHHAS kajloba, Bce
HeBbiHOCUMEN. [A. C. Cepadumonud. [IBe cmeptu (1926)]

(29) TpynHo nymath, 4TOOBI OH, BHHOBATHIM, HE COONA3HUIICS a)Ke M KOJI0acoi, Be b
OH TaK JIIOOUT ee; ecld si, ObIBAI0, BO3bMY KyCOUCK, HAJPE:KY, 3a/epy IIKYPKY,
Y9TOOBI MOXHO OBUIO 32 KOHYHMK €€ JIePKAaThCs MaIbI[aMU U KyCOUYEK €€ BUCEI ObI
Ha HUTKE, TO SIpHK 3a/iepeT HOC BBEPX, CTEPEKET JIOJITO U BAPYT NMPbITHET. [M.
M. IpumBun. [Ipenarensckas kondaca (1921-1925)]

[Ipemioxenus, OMUCHIBAIOIINE TUIMYHBIE CIEHAPUU B TMPOILIIOM C PIIOM
MOCJICIOBATENbHBIX JICUCTBUN, MEHEE XapaKTEpHBI [Jii HappaTUBHBIX KOHTEKCTOB
BTOpOI1 monoBuHBI XX Beka (cMm. mpumepsl (20—-21) Boimie u mpumep (30)):
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(30) BeiBasi0, mpuayT ¢ paboThl, peOATUIIEK — K TOMY BPEMEHHU UX ObUIO Tpoe —
HAKOPMSIT, YJIOMkKAT CMAaTh, a CaMH CSAYT PSAIBIIIKOM 32 MPOCTHIM JICPEBIHHBIM
CTOJIOM W TIPU MEPILAIOIIEM CBETE KEPOCHHOBOW JIaMIbl JI0 TO3JHEH HOYHU
YHMTAKT, IK3aMeHYyT apyr apyra. [M. MBanoB. Cyns0a paboueit cembu //
UYenoek u 3akoH, 1977]

HappaTuBHbIE KOHTEKCTBI STOrO TMEPUOJA, KaK MPaBHWIO, NPEJICTaBIEHBI Ooee
KOPOTKAMH TJIarOJIbHBIMHU IIeToYKaMu. [Ipw 3TOM mpeaukaThl HE BCETJa BBIPAKAIOT
MOCJIeIOBATEILHOCTh JICHCTBUI W HEPEAKO BBOJISAT PA3IMUYHBIC TJIATOJIBI COCTOSHUS
(Hampumep, cudems, ciywamo, Kpacuemo, 3iumovcs B npumepax (31-33)). B stom
cllydyae TJIArOJIbHYIO IIEMOYKY O0Opa3yioT TJIarojibl HECOBEPIICHHOTO BHUAA W
Hempoieanee Bpems 0e3 ymepoa sl CMBICIa MOXKHO 3aMEHHUTH Ha MPOIIEIIIEe, CM.
npumepsl (32-33):

(31) BbbiBaso, cHAMIIb y 3HAKOMBIX 32 4YaeM, CJyllaellb YIOTHBIE MOCKOBCKHE
pasroBOpbl, TUKAKT CTEHHBIE Yachl, JIOMOYET PEIPOAYKTOP, HO €ro HUKTO HE
CIIyIIaeT, XOTs MOYEeMYy-TO M He BbIKmoYaroT. [Pa3une Mckanaep. Hauwano
(1969)]

(32) B onny Henmemio, ObIBAJIO, BEJO BCE B3aIyCKH, M 32 KaKOW-HUOYIb MECAI C
Hayajga JieTa TOpbl B JiydaX IIOYTHM HE3aXO[AIIEr0 COJHIA KPacHeJad OT
OpyCHUKH, YepHeau oT TéMHO-cuHel ronyouku. [B. T. [llanamos. KonbiMckue
pacckassl (1954-1961)]

(33) Ei1, xoHEeYHO, Y€ HAJI0CIH UYYy)XKHE KBAapTUPbHI, BEUHAas CIEIIKa, OHA, ObIBAJIO,
NMOKPHKHUBAJIA HA HETO, 3JIMJIACh, KpacHesa. [AHaTtoauil A30ibCckuid. JIomymok
// «HoBwiit Mup», Ne 8, 1998]

@opMBbI HEMPOILIEAUIET0 BPEMEHU CBA3aHBI C TAKCUCOM WU OPUEHTHUPOBAHBI Ha
CJIyIHIaIoIIEero, Kak Obl mepemenias ero Bo BpeMeHu. DopMbl MPOIIEAIEr0 BPEMEHH,
HANpOTHUB, €CTECTBEHHBI JIi HappaTWBa M MOJJEPKHUBAIOT HUTh IOBECTBOBAHMS.
bbigano B KakOM-TO CMbICIE OObEIUHSET 00€ TEHICHIIMH, SIBISSACH OJHOBPEMEHHO
MapKepOM U pa3roBOPHOCTH, M HappaTuBHOCTU. [lepBas TeHAeHIIUA spye MPOSBIISIACH
B Havasie XX B€Ka, 4TO, BO3MOKHO, CBA3aHO ¢ opueHTtanuen npo3sl 1920-30x rogos
Ha «CKa30BOCTh». «(CKa30BO€ TOBECTBOBAHME» SIBISIETCS OJHUM U3 CIOCOOOB
MIPOHUKHOBEHMSI BO BHYTPEHHUM MHUpP Tepos depe3 (POopMbI ero peueBOro CO3HAHUS
(UynakoBa 1979). Ilockonbky W3 TOBECTBOBAHMS, BEIYIIETOCS OT IEPBOTO JIMIIA,
CKJIAJBIBACTCS SIPKUU TOPTPET CaMOIr0 pacCKa3dyMKa, «CKa3oBas» Mpo3a BO MHOTOM
COBMeEIIIAeT AMAJOTUYECKUE M HappaTUBHBIE uepThl. Takas MaHepa MOBECTBOBAHUS
Obuta xapaktepHa mnsi TBopuectBa M. 3omienko, FO. Onemm, A. Ilmaronosa, U.
babens u npyrux nucareneit, TBopuBmux B 1920-30x romax.
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Tak, B mpumepe (26) u3 pacckaza M. M. 3011eHKO, KOTOPBIA MBI IOBTOPSIEM 3/1€Ch
nosx HomepoMm (34), u mpumepe (35) maxke Ha ypOBHE HECKOJIBKUX MPEIIOKECHHI
NPOSIBIIIETCS PEUYEBOM CTHIIb CAMOTO paccKazuuka. ITOT 3(PdeKT co3maeTcs 3a CUeT
BBOJHBIX CJIOB THIIA Oeckamb W COBMEIIEHUS pa3roOBOPHBIX (kak y 6ac) W
oumanbHbIX (6 cmbicie) KOHCTPYKIUM, UMUTUPYIOIIUX HE OYEHb OOpa30BaHHYIO
peusb:

(34) B cenpmoii Homep. bBbiBajio, mpuay, kak auno opunumansHoe. Jleckarh, Kak y
Bac, rpak/laHKa, B CMbICIIE TOPYM BOJoNpoBojaa U yoopHoi? [M. M. 3omieHko.
Apucrokpatka (1923)]

(35) Ha, 0pIBasI0, B TOM XK€ BOCEMHAIIIATOM TOTy. BbIBaJIo, eemb, eaens — BAPYT
NOJIHAsl OCTAaHOBKA. MaIIMHUCT, 3HAYUT, KPUYUT C TOJIOBBI COCTaBa: JECKATh,
croiel, Opatiel. [M. M. 3omienko. [lanka (1927)]

B 3TOM cMBbICIIE «CKa30BBIi» HappaTUB UMHUTHPYET Pa3rOBOPHYIO pEyYb U MO CBOUM
cBOMCTBaM OJM30K K pEYEBOMY pEeXHMMY HHTeprnperauuud. Takum oOpa3oM, B
XyZI0KECTBEHHOU MpOo3e, IZie SIPKO BhIpa)KeH 00pa3 aBTOpa, HApPaTUBHBIE KOHTEKCTHI
MOTYT COAEpKaTh JUAJOTUIECKUE YEPTHI.

C omHON CTOpPOHBI, MHOTME HAappaTHBHBIE TEKCTHl NEPBOW MOJIOBUHBI XX BEKa
JUAJIOTUYHBI M COJEp’KaT JUIMHHBbIE IIaroyibHble Henodku. C Opyroil CTOpPOHBI, B
HappaTUBHBIX KOHTeKcTax 3a 1950-1999 roa, cobpannbix B HKPS, mpencraBneno
0oJpIllE TPUMEPOB C OJMHOYHBIMHU Tiaroiamu. B mepBoil momoBuHe XX Beka
COOTHOILIEHUE OJIMHOYHBIX [IJIaroJIOB C 0bl6A0 TO OTHOIIEHHIO K TIJIarojbHbIM
nenoukaM 6610 60:81 (Bcero HaiineH 141 HappaTUBHBIA KOHTEKCT), B TO BpeMsl Kak B
noakopiyce 3a 1950-1999 rox pa3psiB Mexay 3TuMu popmamu yBeanumics — 94:67
(Bcero mpencrtaBieH 161 HappaTHBHBIH KOHTEKCT). Takum o00pa3oM, BO BTOpOii
nojoBuHe XX BeKa B HApPPATUBHBIX KOHTEKCTAX €IUHHIA ObI6AIO PEKE BBHICTYIACT B
CEepUITHON KOHCTPYKLMH C OOJBIIMM KOJIMYECTBOM CIOTOB M Oojiee ymoTpeduma c
OJIMHOYHBIMU TIJIarojlaMu, I'I€ €€ MOXKHO 3aMEHUTh HA HApeuus THUINA paHblie WU
UHO20a, KaK B IPUMEpax HIKE:

(36) OH u cam, ObIBaJIO, mMopaskajiacss o0beMy coOpaHHbIX UM cBeneHuidl. [A. K.
CyxotuH. [Tapagokcer Hayku (1978)]

(37) Ox, OCO, OCO! Tak mbI Tauky, ObIBaJ0, Ha3bIBaJM. Mammaa OCO — fBa
pyds, ogHo Koseco! [Anatonuit XXurynun. Yepubie kamau (1988)]

[TogBoast utor mo BTOpoMYy (akToOpy, BIMSIOMIEMY Ha paclpeicicHUuE BHUIO-
BpPEMEHHBIX (OpM, a WMEHHO, JHAIIOTMYHOCTH-HAPPATUBHOCTH KOHTEKCTA, MOYKHO
CKazaTh cCjeayliee. B IeloM JIHaloTHUecKue KOHTEKCTHI TATOTEIOT K (popmam
Henpouieamero BpeMeHu. Jlo Bropoid mnosioBHHBI XX BEKa Takas CUTyalus
HaOJIIOaeTCsl U B HappaTUBE, YTO, M0 BCEW BUIMMOCTH, CBSI3aHO C IBYMS IPUUMHAMMU
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C OIHOM CTOpoHBI, mpo3a 1920-30x roxoB OpUEHTHMpPOBaHA HAa CKa30BOCTb,
Oo0BEUHSIONIYI0 HappaTUBHbIE W auanormdyeckue yeptbl. C Apyroi CTOpPOHBI, BO
BTOPOU MosIoBMHE XX BEKa YBEJIMYMBACTCS KOJIMYECTBO HAPPATUBHBIX KOHTEKTOB C
OJITHUM IIPEIMKATOM, KOTOPBIE TATOTEIOT K npomeameMy Bpemenn HCB.

4.3. Ynorpe0OseHue 0v16a10 € 1J1aroJiaMu COBEPIIEHHOr 0 BU/Ia MPoueAmero
BpeMEHHU
WutepecHo, uro, xotsa yucio Henpomeamux Gopm CB ¢ 6visaro magaet, B kopnyce u

B UHTepHeTe 3adukcupoBaHbl cCOBpeMeHHbIe KOHTEKCTHI ¢ CB mporemero BpeMeHu:

(38) bbiBa0 mpubexkaa Ha 3aBTPAK, CTAJ B OUYEPE/b, KAellb, KACHIb, MOJOILIA
odepenb, a y)Ke Cymn mojaroT — o6en, moromy urto [http://www.strizhi.ru/cgi-
bin/yabb/YaBB.pl?num=1159366223/108]
= ObIBAJIO NPUOEKNIIIb, BCTAHEHIb, MOJ0MIET OUYepE/ib. ..

Takoit Tun ymoTpebieHus Hambosiee Onm3ok k omucanHomy B (IlIBemoma 1980)
“HarmsaHONIpUMEpHOMY” . B JaHHOM HMCTOYHHMKE OMUCHIBAaeTCs crmocooHocTh hopm CB
(kKaK HETpOIIEIIeTro, TaK MPOIIEIIIETO BpEMEH) YKa3blBaTh HA IPUMEPHI MTPOSBICHUS
MOBTOPSIOIINXCS ICUCTBUM:

(39) Takas nTuuka... TOHUMAET, YTO YEJIOBEK ee JoouT. Eciii HamaJ Ha ee KOpIIyH,
TO OHa KyJa, AyMaelb, Opocaetcs? JIuGo B cesnky, 1100 mpsiMo 3a ma3yxy, Moy
BaTHUK (Tpoenoi.) (IlIsexoBa 1980: 631)

B paznene §1509 (IlIBemoBa 1980), rae paccmarpuBaroTcs mpumepbl Tuma (39),
YKa3bIBAaeTCsl JIMIIbL HAa BO3MOXHOCTH HCMONb30BaHus (opmel CB mpomeamero B
KOHTEKCTE a0CTPaKTHOTO HacTosImero. Bo3sMoXHOCTh HCMONB30BaHUS 3TUX (OpPM B
KOHTEKCTE 000O0IIEHHOr0 MPOMIEIIIEr0 HE YIIOMUHAETCs, B TO BpeMsl Kak HailJleHHbIe
KOHTEKCTBl C 0b18a0, HECOMHEHHO, OTHOCATCS K HpOLIeAlIeMYy BpeMeHH. Taxxke
BOXHBIM SBIIIETCSA TO, YTO KOHTEKCTHI, TNI€ Obl8an0 YHOTPEOISeTcs ¢ mepPexTHBOM
IIPOLIEIIETO BPEMEHHU, aKTUBU3UPOBaNIMCh, 10 HaHHBIM HKPS, Tompko BO BTOpOM
nosioBuHe XX BEKa, XOTSA IMPEANOCBUIKM B BHJAE HArJsAJIHOIPUMEPHOIO THIIA
yInoTpeOJieH!s]  CYIIeCTBOBAIM Tropa3fo pasblie. [losTomy Takue mnpuMepsl
IIPEJICTaBIISAI0T HECOMHEHHBIN MHTEPEC.

B kakux cinyuasix 6si6ano ynorpeomnsercs ¢ rnaroiamu CB npomteniiero BpemeHu?

1) B atux mnpuMmepax, Kak NpaBWIO, IpeAcTaBiieHa Ienodyka riaroios CB
NPOLIEIIEro BpeMEHU U HaOIIoJaeTcsl BaApUATUBHOCTh ¢ (hopMaMH HEMpOIIEIIEro
(mpumep 38). Ilpuuem 3Ty LENOYKY, KaK MPaBHIO, COCTaBISIOT MOMEHTAJIbHBIC
IJIaroJibl:
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(40) On Oyner riasa TapaliuTh, YCbl TOINOPIIUTE, pyrasi HOBblE BpeMeHa: — bbiBaJio,
Che3UJI B MACTEPCKYIO, MPOTOYMII, (ppe3epHya. A HbiHe? ... [bopuc Exumos.
[Tpouuteim setom // «HoBeiit Mupy, 2001 ]

B cnyuyae ogunounbix rnarosoB CB mpeamourutenbHee (opMa HENpOLIEIIIEro
BPEMEHH:

(41) BeiBa10 NpUOEKMIIBL HA 3aBTPAK, & y’KE CYII TOAAIOT
Cp. ?’BbiBajio npudesxaJl Ha 3aBTPaK, a YK€ CyIl OJA0T.

2) Ecnu xe nocne 6si6ano ciaenyet onquHounbii riaaron CB, mpexae Bcero Heo0Xoaum
KOHTpACT, Kak B mpuMmepe (42), rae paccka3uuk COXKajleeT O CAEIaHHOM paHblie. B
3TOM Ccllydae BO3MOXHO uepenoBanue ¢ ¢(opmoit CB Hempomenmero, 0mHAKO
codyeranue 6vi6ano + CB Hempomeamero npeaCcTaBiIsieT OTHOCUTEIBHO PETYISpHBIE U
LeJIeHaNpaBIeHHbIE JIEUCTBUS, B TO BpeMs Kak Owvieano + CB mpomienmiero 0osnbiie
dboxycupyeT BHUMaHHUE Ha, XOTS U IOBTOPSIBIIUXCS, HO €IMHUYHBIX JEHCTBUSX:

(42) ObIBal0 OpocMJ  JEBYIIKY W TOTOM JO CJe3 €€ OBbUI0  KaJKo
[live.Mephist.ru/show/words/wid/10579/150]

Cp. BeiBajio Opoculb JEBYIIKY, U TTIOTOM €€ JI0 CJIe€3 KaJIKo (TIpeacTaBiseT JeHCTBUE
KaK peryJsipHOe U IeJIeHANpaBIeHHOE)

(43) bpIBaJI0O HaMUCAJ KAaKyIO-TO 4Yylllb, a TIOTOM YHUTasi €€ MOHMMaJl, YTO B MAcCChl
nuxatb ~ €HTO HE  HYXKHO HW  CTHpal OT  TIpexa  TOJaJblie.
[http://gotps3.ru/topic/2797 :xkax%20moaxmounTtb%20PS3%20k%20untepuery%o
2001%20bwnmnaita/3/]

Cp. BpiBajio HaMMIIENI b KaKYyIO-TO YYIllb, @ TIOTOM, YUTas €€, IOHUMACIIb. ..

B cnyuae ynotpeGnenus 6s16ano ¢ CB npoiienmiero BpeMeHu cKopee BhIOMparoTCs
MOMEHTAJIbHbIE, pe3yJbTaTHUBHBIE TrJaroibl. MeHee pe3ylbTaTUBHBIE —TJIAroJibl
NPEJICTaBISAI0TCA Kak OoJiee pe3ylbTaTUBHBIE 32 cueT KOHTeKcTa. Cp. BBIOOp (OpMBI
MPOINIEAIEro BpEMEHU C BPEMEHHBIM OIpaHUuuTeNeM 3 yaca B mpumepe (44):

(44) Korpa emie He MPUBBIK 32 KOMIIOM MHOTO CHAEThH, ObIBAJIO MOcHAe]a 4aca 3
HOYBIO, IMOTOM TJIFOKU ObLIIH, HE ITOMHIO npaBja KaK#ue=)
[http://forum.sibnet.ru/index.php?act=Print&client=printer& =46 &t=54108]

Cp. 70b1BaJI0 OCH 1] HOYBIO, TIOTOM TJTFOKH OBLITH

B cnyuyae ynorpeOneHus: AeTMMUTATUBHBIX IJ1aroyioB 0€3 BPEMEHHOTO OpraHUYUTENs
Oonee BeposiTeH KoHTEeKCT ¢ CB Hempoleaiero BpeMeHu, Kak B mpuMepe (45):

58


http://gotps3.ru/topic/2797:как%20подключить%20PS3%20к%20интернету%20от%20Билайн/3/
http://gotps3.ru/topic/2797:как%20подключить%20PS3%20к%20интернету%20от%20Билайн/3/
http://forum.sibnet.ru/index.php?act=Print&client=printer&f=46&t=54108

Mex Iy TUCKypCOM U KOHCTPYKIHEH: HCTOPUSI PyCCKOTO 06164110

(45) Korga ¢ HuM, 0bIBaJI0, IOCHIAMIIB B OJTHOM KOMHATe HEKOTOPOE BPEMS, TO ATOT
KpyTOi mapeHb, KOTOPOTO s 3HaJ, mpomnajan oeccienno. [http:/readr.ru/maykl-
moynihen-i-dr-knyazya-haosa-krovaviy-voshod-norveghskogo-
bleka.html?page=37]

Cp. 7BbIBaJIo MOCHAE]I C HUIM B OJJHOM KOMHAaT€ HEKOTOPOE BpeMsi, a OH MpomaaaeT
OeccnenHo. ..

3) CB Henpolieaero MoxeT CUTHAIM3UPOBaTh O €CTECTBEHHOM PAa3BUTHUU CUTYal[uU
(mpumepsl 46—47), B To BpeMs kak CB mpoieqmero o HE0XKHJAHHOM IIOBOPOTE
coObITuit (48):

(46) B OompHuie OBUIO XOJOAHO; BOXY B KOTEIBHYIO HaM CaMHM HPUXOIIIOCH
KayaTh... Tak, ObIBaJIO, MOCHIMIIBL Yy OaTaped, CIIMHY MoOrpeemb — U CHOBA
pabotats. [http://wobla.ru:81/news/1083335.aspx]

(47) ma s MOMHIO paHbBIIE U caM TaK MpoOOBaJl — caMOE€ MHTEPECHOE 4TO ObIBAJIO
nocuaumb MUHYT 10-20 u yxe 1$-2$ HapyOmn (370 Ha caMbIX HH3KHX
mumutax) [http://trypoker.ru/forum/11-919-3]

(48) Panbiie, 6ObIBa0, MOYUTAJ, 00AYMAJT U BCE — XOTh CElYac pacckasbiBail, — a
ceiyac HE TO: KOHCIEKT NpuXOoauTcs aenarh. [magmetall.rwpdf/1967-10-
19 02.pdf]

Bce BhimenpuBeneHHble KOHTEKCTbI C¢ ¢opMmoil mpoueamero CB u 6wisano
OTJIMYAaeT OJIHa OCOOEHHOCTh. [leficTBUE TepsieT OTTEHOK OOOOIIEHHOCTH, KOTOPbBIN
YUTaeTCd NPU HCMONb30BaHUU (PopM Hempoulesmero BpemeHu. M xorst peus uuer o
NEHCTBUSAX, KOTOpPbIE MOBTOPSUIUCH, CaM TIJIarojl MpeJCTaBisieT co00M KOHKPETHBIN
IpUMEp TUIHYHON aKTUBHOCTH B npouuioM. Kpome Toro, MIMEHHO B KOHTEKCTaX, Ie
ovigano ynorpebiasercs ¢ popmamu CB mpomrenmero BpeMeHH, MOYTH 00s3aTEIBHO
HAJIMYUE MPOTUBOIIOCTABIEHUS, KOTOPOE YAaCTO BBOAUTCS COIO30M a. J1J1s1 KOHTEKCTOB
c ¢popmamun CB Hempomeamero BpeMEHH 3TO YCIOBHE HeoOs3arenbHO. B aTom
cMmblcie, 6wieano + CB mpomieniiero BpeMEHH + KOHTPAcT MOYKHO BBIJENIUTh Kak
OTJCJIBHYI0 ~CHHTaKCHYEeCKyl0 KOHCTpykuuto. KommuectBo ci1otoB B 3TOHU
KOHCTPYKIIMK BapbHUpyercss (BO3MOXHO HaJW4He OBYX U Oojiee IpPEeIuKaToB), IpHU
3TOM B CJIOTaX, CIEIYIOIIMX 3a NEepBbIM IiarosioM, CB mpomeaiero BpeMeH! MOKeT
BapbUPOBATHCS € (POPMaMH HETIPOILIEIIETO BPEMEHH.

5.3aka04yenue

BBugy Ttoro, 4tro enuMHWIA Obl6al0 MEHBINE HM3yUYCHA, YeM CIUHHUIA OblLl0, HAC
MHTEpPECOBaJIM TpU BoOmpoca. B Hamm 3agaud BXOAWIO M3YYUTh JUHAMHUKY BHUIO-
BPEMEHHBIX (OpPM TIj1aroja ¢ KOHTAaKTHBIM YHOTpeOJeHUEM 0b18an0, TPOBEPUTH, OT
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KakMX (PaKTOpOB MOKET 3aBHCETh BBIOOp BHIO-BPEMEHHOW (OpPMBI, a Takke
YCTaHOBUTH, KaKHE€ CHUHTAKCUYECKHE KOHCTPYKLIHMHW MOKHO BBIICIHUTH C EIUHULEH
ovl8aAO.

Kak 6b110 TIOKa3aHO, Y 6616410 €CTh YETHIPE BO3MOXHOCTH Ha coueTaemocTh (HCB
npomeamero; HCB nenpomemmero; CB Hemnpomeamero; CB mporiesamiero), u3
KOTOPBIX KakK IIPaBUJIO PEAJIU3YIOTCS TOJBKO IEPBbIE TpU. B maHHOM McciienoBaHUM
MBI PaccMOTpENH JUHAMHUKY pacIpeleieHusl riaaroiabHbeIXx (opM Tocie 6vieano Ha
BpeMeHHOM oTpe3ke ¢ 1700 mo 2008 roma Ha marepuanie TekctoB HKPS, uro
MO3BOJIMJIO BBISIBUTH JB€ TeHAeHIMH. C oaHOM cTOpoHbl, B XIX—-XX Bekax HAET
YMEHBIIIEHNE OTHOCUTEIbHON yacToTHOCTH Hempomenmux Gopm (u CB, u HCB). C
JPYro#l CTOPOHBI, BO BTOPOW MOJ0BHHE XX BEKa Obl8an0 CTANO Yalle YHOTPEOIAThCs
¢ (¢opmMamMH TPOIIEIMIEIO0 BPEMEHH, U TEM CaMbIM peke YHOTpeOIsIThes ¢ GpopmMaMu
CB.

B uccnenoBanun ObulO BBIZIENEHO JBa (pakTopa, BIMAIONIMX HA BBIOOP BUAO-
BpeMeHHOU (QopMbl nocne 6vi8anro. OAHUM U3 BaXXKHBIX (DAKTOPOB SABISETCS JIMHA
TJIarOJIbHOM Ienouku: Hempomenamee Bpems (kak CB, tak m HCB), kak mpaBuio,
YIIOTPEOISETCs C CEPUMHBIMU MpeANKaTaMu (CoAep KalllMMK TPU Tarojia win 6osee),
B TO BpeMsl KaK OJMHOYHBIC MPEIUKATHI TATOTEIOT K (popMaM MPOLIEIIIET0 BPEMEHH
HCB. B kauectBe BTOpOro (axtopa MOXXHO BBIJEIHUTH NPU3HAK JHATOTMYHOCTH-
HappaTUBHOCTH KOHTEKCTa. JMajmormyeckue KOHTEKCThI Yallleé BKIIOYAIOT (HOPMBI
HEMNpOLIEeIIIEro0 BpEMEHHU, TaK Kak OHO 0Oojee NMCKYpCHUBHO. DTO TEHJIEHIUs cTaja
Apye MpOSBIATHCS BO BTOpoW mosioBuHe XX Beka. B mepsoil monoBuHe XX Beka
HappaTUBHBIE KOHTEKCTBI TATOTENM K Hempoueamemy BpemMeHH CB, 4To MOXHO
o0bsicHuTh aByMs mnpuuuHamu. C ogHOM cTopoHbl, mpo3a 1920-30x rom0B
XapaKTepu30BaJIaCh CKAa30BOCTHIO, OOBEIUHSIONICH HAppaTWBHbIE U JUATOTHYECKUE
yepTel. C Apyroil CTOpOHBI, BO BTOpOil mMmojoBHHE XX BEKa OTMEYEHO OoJbliee
KOJIMYECTBO HAPPATUBHBIX KOHTEKTOB C OJHHUM IPEIUKATOM, KOTOpBIE, B CBOIO
ouepelb, TECHO CBsA3aHbI ¢ npoueamum spemeHeM HCB.

Coueranus 6si6ano ¢ uenoukoi rinarojoB CB Hepomienamiero BpeMeHu 00pa3yroT
OTIIENbHYI0O KOHCTPYKLHIO, T/ Obleano TPEACTaBIseT CcOO0OM SKOPHOE CIIOBO, a
rinarosibl CB Henmpomieamiero BpeMEHH 3aloJIHAIOT clI0Thl (Tpu wiu Oosee). Takas
cepuiiHas KOHCTPYKIUSI OOBIYHO BBOAWT B IIOBECTBOBAHHME THUIIMYHBIN CLEHApUM
JICUCTBUM B TMPONUIOM. XOTS YaCTOTHOCTh 3TOW KOHCTPYKLIHMHM HA4YMHAsA CO BTOPOM
nosoBuHbl XX Beka CHWXKaercs, B Kopnyce U B IHTepHere 3adukcupoBaHBbI
COBpeMEHHbIe KOHTEKCThl ¢ CB mpomexamiero BpeMeHH. B 3THX KOHTEKCTax, Kak
MpaBUJIO, MPECTaBIICHA 1lenouKa ri1aroiioB CB, KOTopyro cOCTaBisIOT MOMEHTAIbHBIE
rJIarofipl. YNoTpeOieHne ¢ OAMHOYHBIM riarosioM CB mpoliennero BpeMeH! Takke
BO3MOKHO, HO B 3TOM Cllydae IOYTH 00s3aTeIbHO HaJIUYMe NPOTHUBOIOCTABICHUS,
KOTOpPOE YacTO BBOJUTCSI COIO30M d, B TO BpeMsl Kak JJisi KOHTeKCToB ¢ (opmamu CB
HENPOUIeIUIEro BpEMEHH 3TO yCIOBHE HEOOS3aTEIbHO.
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MosHOo cka3atb, 4TO coueTaHue oOsieano + CB mpoureniero BpeMeHu + KOHTPAcT
o0pa3yeT OTAEIbHYI0 CUHTAKCHUECKYI0 KOHCTPYKIUIO. B Takoil KoHCTpykimu Gopmy
CB npomeaiiero BpeMeHn MOKHO 3aMeHUTh Ha CB Henpomeamero. OgHako B 3TOM
cllyuae BO3HHKAIOT HEKOTOpbIe CEMaHTHYecKue paznuuusi: oOsearo + CB
HEMPONICS/IIETO MPEICTABISET OTHOCUTEIBHO PETYISPHBIE W IeJeHANpaBlIeHHbIC
NEHCTBUS U MOXKET CUTHAJIM3UPOBATH O €CTECTBEHHOM PAa3BUTUU CUTYAIUH, TOTJA KaK
ovisano + CB mpomemmero Oonbiie (QOKycHpyeT BHUMaHUE HA EIMHHYHBIX
JEHCTBUSX U HA HEOKUJAHHOM MOBOPOTE COOBITUH.

BaxxHo, uro paHee wucienoBaTels MU OTMeYajach BO3MOXKHOCTb YHOTpeOJeHUus
¢dopm CB mpomieniiero B KOHTEKCTe aOCTpaKTHOTO Hacrosiuiero (Eciu manan na ee
KOpULyH, mo oHa Kyoa, oymaeutb, bpocaemcs?), OJHAKO HE OIICHUBAJIAaCh BEPOSITHOCTh
UX YHOTpeOJICHNST B KOHTEKCTE 0000IIEHHOTO TPOIIEAIIEro BpeMeHu (0bleaio opocun
oegywky u nomom 0o cie3 ee oOvLio xcaiko). @opma CB mpomremmero B cBoem
«ECTECTBEHHOM» OKPY)KEHHH MOXET BCTylaTh B OMOHHMHUIO ¢ (opMamMu B
KOHKPETHO(PAKTUUECKOM 3HAUYEHHMH, OJIHAKO HECMOTPS Ha 3TO HA JIMIO YBEIUYEHHE
YaCTOTHOCTH yNOTpeOaeHus 6s16a10 B KOHTEKCTe ¢ popmamu CB npomeamiero.

WNuTepecHo, uTo KOHCTpyKIUs Ovigano + CB Hempomieaiiero, xapakTepHas Uis
JTUAIOTMYECKUX KOHTEKCTOB, B HACTOSIIEE BpeMsi MPUOOpETaeT KHUKHBIM OTTEHOK, B
TO BpeMs Kak owigaro + CB mpormienmiero kak pas ymnotpeOmsieTcsi B pa3roBOPHBIX
KoHTekcTax B HHrepuere. Takum o0pa3om, pedb HUIET HE CTOJIBKO O
JerpaMMaTUKaIu3alud KOHCTpYKUMU Ovigano + CB Hempomenmiero, CKojibKO O
CyXEHUH cPepbl ee PyHKIUOHUPOBAHUS.
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